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Multigroup Analysis
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Moderated Mediation Model

Emotional Inteligence:
EQ

Self-Reliance Development:
SRD

H2: a1*b1 #o

Organizational Citizenship
Behavior:
oCcB

H3: a2*b2 #o

Job Performance:
JP

Workplace Wellness:
WWL
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ABIEHONIDVUHIANINAAVDI Moderated Mediation Model with MGA

Emotional Inteligence:
EQ

Self-Reliance Development:
SRD

H2: (a1*b1)M #(a1*b1)F

Organizational Citizenship bl

Behavior:
QCB

H3: (a2*b2)M #(a2*b2)F

Job Performance:
JP

Workplace Wellness:
WWL
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Moderated Mediation Model with MGA
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351% Smart PLS4
i1aly Smart PLS4
1. laldsunsa a¥13 Workspace iiluIvlaines el wu 11-2568
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B SmartPLS 4

SmartPLS Files Themes

?ﬁﬂ% Smart PL.S4

New project PLS-SEM CB-SEM

Workspace

v B ocb

ocb

= ocb-cp-cb_newname-2 [165]

[shl ocb - PERM - 2025-11-13
lshl ocb - PLS - 2025-11-13
» (O 12568 (2)

» B Archive (0)

© SmartPLS v. 4116 »~

—

Your projects are securely stored in a |ocal folder (workspace). You can create and manage multiple workspaces, making it easy to switch
between them as needed.

You can find more detailed guidance in the user documentation and the FAQ section.

New Workspace Recent workspaces

Sample projects

— O X
GSCA PROCESS REGRESSION
C:\Users\User\Desktop\1u-2568 Theme Light (color-blind) &
Workspace

Start quickly with our sample projects, each ready for one-click installation. For detailed information about every project, visit our website.

Multiple Methods GSCA
== American customer satisfaction index (ACSI) == Organizational Identification Model Variations
== European customer satisfaction index (ECSI) == Job Satisfaction
== Employee retention Path analysis and PROCESS
== Organizational identification == Path analysis and PROCESS
== Technology acceptance model (TAM) Regression and NCA
== Unified theory of acceptance and use of technology (UTAUT) == Regression model
————e- [ | U A O S S I NI
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eﬁﬂ% Smart PLS4

Double click ﬁ data icon

B SmartPLs 4 O X
SmartPLS Edit Themes
Back Setup Derive indicators Add group Generate groups Clear groups Export to Excel / CSV
ocb-cp-cb_new... Indicators € Copy to Excel/Word
Indicators 57 Name No. Type Missings Mean Median Scale min Scale max Observed min Observed max
Samples 165 sex 1 0|1 2 1.601 2.000 1.000 2.000 1.000 2.000
Missing values 402 g4opis 2 o1 2 1393 1.000 1.000 2.000 1.000 2.000
age 3 MET 2 33.552 32.000 23.000 50.000 23.000 50.000
@ Indicators
A1l 4 MET 2 4.209 4,000 2.000 5.000 2.000 5.000
O Correlations A2 5 MET 2 4196 4,000 1.000 5.000 1.000 5.000
Q Data groups A3 6 MET 2 3.850 4.000 1.000 5.000 1.000 5.000
O Raw data A4 7 MET 2 4104 4.000 1.000 5.000 1.000 5.000
A5 8 MET 2 3.969 4.000 1.000 5.000 1.000 5.000
sumA 9 TEXT 0 0.000 0.000 0.000 0.000 0.000 0.000
B1 10 MET 2 3.571 4.000 1.000 5.000 1.000 5.000
B2 11 MET 2 3.730 4.000 1.000 5.000 1.000 5.000
B3 12 MET 2 3.859 4.000 1.000 5.000 1.000 5.000
B4 13 MET 2 3.975 4.000 1.000 5.000 1.000 5.000

© SmartPLS v, 4.1.1.6 Reset  100% Show deskto
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N3N Multigroup analysis (MGA) lvinnail
Aan Add group udeeu laezdeniiiadendsnguamiusih MGA 19 apply fagngu 134 sex A3 W

81 Configure data group

Group name
‘ LA
Indicator Operator

7A i
‘ sex o ‘ ‘ is equal to

‘ Add term

a aa
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GEREG R Multigroup analysis (MGA)

[ SmartPLS 4 = O X

|0 Configure data group

Group name

‘ WA

Indicator Operator

A .
‘ sex - ‘ ‘ is equal to

‘: Add term

Generate group 1HaonAusngululug Add group T¥ad1enfl Iminuummuaies

a aa
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B | SmartPLS 4

SmartPLS Edit

Themes

CEEEG R Multigroup analysis (MGA)

©O 0 0 0 O

Back

ocb-cp-cb_new...

Indicators 57
Samples 165

Missing values 402

QO Indicators
Q Correlations
@ Data groups

QO Rawdata

© SmartPLS v.4.1.1.6

Setup

Data groups

Name
LINF

INEI#2

Derive indicators

Cases

65

98

Add group

sex
1

2

Generate groups Clear groups

Delete Edit Export

Delete Edit Export

Export to Excel / CSV

Reset

€4 Copy to Excel/Word

100%
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SEM analysis

INTHARD back 114 G0N PLS-SEM

Aaninmanazllvnazinsen

1. AAN calculate 10N Bootstrapplng MGA %30 Permutation MGA ummmmm 22ldma MGA 1aen
uamwmwﬂmuﬂqu"!ﬂmm%angﬂ U WA DU INAH2 MazgrpdAyvaman1sszrinanjUlvinaniay

compare

2. M554 SEM o1ati)u causation, mediation analys1s, moderation analysis, moderated mediation
analysis, quadratic form lvin@a Calculation 1147 1) @en pls algorithm tias l‘Wﬂ‘lJﬁ L3NUA N UL °INC‘|]Q,
gmmun@dmmz Simple slope analysis 2) @en Bootstrapping gﬁaﬁmnma&naeuuammg
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N3N SEM analysis

MUY SEM 919111 causation, mediation analysis, moderation analysis, moderated mediation analysis,

quadratic form Tvimaad

Tumsa s #iaen pls algorithm oiszanamanuy 4 9znaasnneaiataziaon Bootstrapping
Wens T Ed 1A
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Multigroup analysis (MGA)

aan back a2 liiganluaa

B ' SmartPLS 4 - 0O X

SmartPLS Files Themes

New project PLS-SEM CB-SEM GSCA PROCESS REGRESSION
Workspace = C:\Users\User\Desktop\nu-2568 Theme Light (color-blind) o
v & ocb Workspace

och Your projects are securely stored in a local folder (workspace). You can create and manage multiple workspaces, making it easy to switch

- between them as needed.
= ocb-cp-cb_newname-2 [165]

—

You can find more detailed guidance in the user documentation and the FAQ section.

[shl ocb - PERM - 2025-11-13

il ocb - PLS - 2025-11-13 New Workspace Recent workspaces
il ocb - - -11-

» [ 2w-2568 (2) Sample projects
» B Archive (0) Start quickly with our sample projects, each ready for one-click installation. For detailed information about every praoject, visit our website.
Multiple Methods GSCA
== American customer satisfaction index (ACSI) == Organizational Identification Model Variations
== European customer satisfaction index (ECSI) == Job Satisfaction
== Employee retention Path analysis and PROCESS
== Organizational identification == Path analysis and PROCESS
== Technology acceptance model (TAM) Regression and NCA
== Unified theory of acceptance and use of technology (UTAUT) == Regression model

» [ ——— an a aa a o o .. [P mamaala temm s ol mde -
© SmartPLSv. 4.1.1.6 A 960730513 NFUZNA NMARINET B HNINENADTW A " BTl (it Rt 20




B | SmartPLS 4

SmartPLS Edit Calculate
Back Save

ocb-cp-cb_newname-2 =

0 sex

1 status
2 age
3 Al
4 A2
A3

(Wal

6 Ad
7 A5
9 B1
10 B2
11 B3
12 B4
13 B5
15 C1
16 C2

© SmartPLSv. 4116 Y

o1

0|1

MET
MET
MET
MET
MET
MET
MET
MET
MET
MET
MET
MET
MET

5

‘ Standard algorithms

Themes
Conv... Ca
PLS-SEM: o

Multigroup analysis (MGA)

£+ PLS-SEM algorithm

£ Bootstrapping

ﬁ: Confirmatory tetrad analyses (CTA)

£+ Importance-performance map analysis (IPMA)
&8 PLSpredict / CVPAT

G Finite mixture (FIMIX) segmentation

@ Prediction-oriented segmentation (POS)

£+ Model comparison

@& Bootstrap multigroup analysis (MGA)

Permutation multigroup analysis (MGA)

£+ Principal component analysis (PCA)

Consistent algorithms

£+ Consistent PLS-SEM algorithm

ﬁg Consistent PLS-SEM bootstrapping

@ Consistent Bootstrap multigroup analysis (MGA)

@ Consistent Permutation multigroup analysis (MGA)

97.A7.4UFT WIULNA NMAITNEDH NINANENAEITH AN

Quadratic effec

Delete

Tools

0 C

Gaussian copul Commen

Canvas

Coloring
4 6

Defaults

/7
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Multigroup analysis (MGA)

AN Generate group aztilumsimenaanilsngulu dataset visonan Add groupaziflumsminua
NANIOY 1NN multigroup analysis

1aen PLS-SEM WAL SEM

A3 ﬂﬂ?‘i‘t&MNi‘ViﬁU 13 smzmﬂaﬂﬂ calculation 1801 pls algorithm tias bootstrapplng

MGA g0 INTIZHAWVY sinavemnuy taznlSsumsumadania g munqwﬂim{]ﬁzﬁ’ﬂu
auilsnga

97.A7.4UFT WIULNA NMAITNEDH NINANENAEITH AN 22



B SmartPLS 4
SmartPLS Edit Calculate
Back Save

och-cp-cb_newname-2 =
0 sex on
1 status on
2 age MET
3 Al MET
4 A2 MET
5 A3 MET
6 A4 MET
7 A5 MET
9 B1 MET
10 B2 MET
11 B3 MET
12 B4 MET
13 BS MET
15 C1 MET
16 C2 MET
©SmartPLsv. 4116 ¥ |3

Themes

Conv... Calc...

PLS-SEM: och-MGA

Select

SEM analysis

Latent variabl Connec
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Quadratic effec

Commen Delete

Tools

0 C

Gaussian copul

Canvas

Coloring
6 o

Defaults

/7 d
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B | SmartPLS 4

SmartPLS

Back

Edit Calculate

Save

ocb-cp-cb_newname-2 =

0
1

W N o U R WM

10
11
12
13
15
16

sex
status
age
Al

A2
A3
A4
A5

B1

B2

B3

B4

B5

1

c2

©SmartPLsv.4116 Y |}

Themes

Conv...

SEM analysis

Standard algorithms

Calc :
PLS-SEM algorithm

PLS-SEM: ock

£¥ Bootstrapping
£8 Confirmatory tetrad analyses (CTA)

£+ Importance-performance map analysis (IPMA)
L8 PLSpredict / CVPAT

@ Finite mixture (FIMIX) segmentation

G Prediction-oriented segmentation (POS)

£+ Model comparison

@ Bootstrap multigroup analysis (MGA)

@ Permutation multigroup analysis (MGA)

£ Principal component analysis (PCA)
Consistent algorithms

£+ Consistent PLS-SEM algorithm

L8 Consistent PLS-SEM bootstrapping

@ Consistent Bootstrap multigroup analysis (MGA)

@ Consistent Permutation multigroup analysis (MGA)

Quadratic effec

Delete

Tools

2 C

Gaussian copul Commen

Canvas
Coloring
6 o

Defaults

/7 d

leset 100%

=]
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Al

A2

A3

Ad

A5

C1

~

*U.E-TE (8.225)
0683 (7.707)
40820 (26.904)
0.739 (15.705)

F -
0.830(19.273)

o

w d
ﬂ?!é)?.h& moderated mediation model mn"lwa och

CE. Cd

um:u{as 191) 821 E33 124)  _w
0835 (28.801)

IIJ 769 (18.0586)

C5

0482 (0000) M 0365 (0. UEHJJ

0.317 (0.000)

0.758 (13.951) "
0.854 (31224),
0.839 (38.963)

S, T, [
Y 0.723 (13.301)°

L Ty,
0768 (21.60
( \T"} -

4
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B1

B4

BS

...--"'-'
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T27 (13.058) —»

867 (34.500)
714 (10.823)

N T

0.852 (32.407)

S
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D2

D3
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1J a WA
NUANS 1
Task Coplexity:
CPX
H2: a1*b1 #o

Transformational Employee Task

Leadership: ¢’ Performance:

TL TP
H1:c'#o

a [ v J 1 [ 1 4 o Y
TUUATU: ANVAUNWUTIEHIN clan culture NV task performance %aauu@aqLﬁmm?ﬁmm@w«muqq
9 . { 1 1 1 (%
(ﬁ@ﬂﬁ\‘lﬂ??ﬂﬁfﬂ?%?iﬁﬂ?ﬂﬂﬂ ﬂ?ﬁ%?ﬂlﬂﬁ@ﬁ$ﬂ'ﬂ\‘lﬂuwﬂ) (H:d1<0)
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Nk W N ==
e 2R e eRe

U >4

=
B30

. Transformational Leadership (TL) (Bass & Avolio, 1997) - Multifactor Leadership Questionnaire (MLQ)
. grhvesduaihausativaalaliiduneuviuennnatuvesnsnns

1hvedunszAulvinufauennsaunazaeaifayritluyul v
WweaRUlRANUSAYNUMINANANEM WU IR AZA Y

o v I U d'dd' v a wuA
ihvesnuilunuveensnanainljiamu

Y a\

Y v v VaAa K
Tauas v uaNa vl viagauy

=o

=o
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v
U/

N
133301
Clan Culture (CCL) (Cameron & Quinn, 201'1) - Organizational Culture Assessment Instrument (OCAI)
1. mﬁnﬁmam1ﬁmsmmﬂmﬁeumauﬂ%‘sﬁepéju
2. witnauluesansiianuyniuaz evaeBanuaz iy
3. 99ANIVR AU UL UMM T uNNasMINTIUIIN
4. ginluesAnslvinnumngiumsiannuazielolaniingu
5. ANNA U5V IVIANTIADINAIINN WD lauaz MIWANVBINITNIY
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Nnh £ W N = W

U o5

~
B3N

. Task Complexity (CPX) (Morgeson & Humphrey, 2006) - Work Design Questionnaire
. NUVRIN UM DHZIAZANNGIRMIEMlWIZAVg

. Muvesiulianuduteutaznaemsiile

. Nuvesiudpsmsm s izrmazdfarnidudon

. NMUVBINUABIMIANMTE IV AN sTaUNY

. Nuveuianuranraatazilasunilasnasanan
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nh & W N = &L

v

vV AV
13301

. Employee Task Performance (TP) (Williams & Anderson, 1991)

: ang]amammuﬁumﬂ‘lmumuﬁmﬂaﬂmmumu

. aumsqgﬂmmﬂmﬁmamﬂmm!'ﬂ"h

. MUTDHNATHIUAMNINUDINUNAIAK IS

. aulEnSnenns v N, wdszane, 59 pENANAI UM SN
. DUANHHNUNANVDIALTHIHG | ADEN AN
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(] o\
NIINTINHANTIDULUHIAITUAN
1y SEM ﬂiﬂ‘lJTlN‘m]‘lelfj (theoretical framework, TF) NUNIBULUHINNINAA (conceptual framework, CF) 21911u
FUALINY
A A Aa da; Y v v a ¢ v Y Y A a -y
TF ﬂamswmﬂﬂwmumﬂmmwﬂqygﬂllmumﬁﬂamuamwwmumum cl‘lf!‘ljuﬂﬁf’)‘ljﬂ1\‘lf’)ﬂc!1!ﬂ1ﬁﬂﬁ‘ﬂ1ﬂ ‘]JT]J
G!‘]ﬁ‘iﬁ@‘n'nﬂﬂ1J§1ﬂ§]ﬂ1§ﬂ!‘]JN’OEJN !‘IJ‘Mﬁ1ﬂ§11!1’n\‘1ﬂ€|‘]91<§,]1’l!!611\‘]!!ﬂ’5\‘]

CF m«nvmamﬂﬂﬂﬂumﬂmuww’mauﬂ‘s‘numﬂﬂaﬂwmmmnwamsmmﬂwwmmﬂﬂ ﬂsva‘umsmﬁum
wﬂgumaaumuﬂimmﬂqy;]@mﬂuwami‘nuﬂ'Jmﬁmn'ﬁ:uﬂ cludeo s LE A NNF NS sz a5 T
T (TRRWCT Ay Tagazla i mlsmunu391nMsNUNIUITIUNTINA U literature work HAZ/H30 in-depth

interview
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MIMHUANTDUUHIANNAA

U 4! = d' Y . . . . d! Y U
ausuparid 9 {13993 (dimension, sub-domain, sus-sub-domain) mmmgmmmuﬂﬁ
Y R ucsdlﬂlcucuq'/ " v Y A < o) W Ql?z’Jd Av K Y U

530U domain Anilun3annuimldegudunsziigaemiuasnineluaiaiiandsefnuyannani
WU 13U

v v XA qQUa Y y Y A v W Y = < A y A

asuelvinannu3lviuazlFnulaeswaz Yo lawizants199@en ¥ sub-construct #390 sub-
sub-construct 1usnilslunsev BannsoulrintI1n5OUNITIVY (research framework, RF)
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a\ d'i =
msﬂﬁzmuqmmwmimm

] dq’ || =1 a\ d' = | cili w ||
ao |1z nanemsisziivaannmnIosie (measurement assessment) F91lzilunuszring

Q' y o o =~ y a g a
1. F9INAINNDHUINUVVE15ID (ex ante) ADANNNEIATUTAHUO (content validity) Hazend
= U

35M31A8INU (common method bias) FIn5zHVNNTAUYNUNMM/ InTasesluszrinamsianinasda
130N UNIZ 1A UNIATIANTTLIDSS

2. 79NA89nIEMHAIN AT VUV 1TI9NOUNAL (post ante) ABANNATUT UMDY (convergent
validity) ANATAT I (discriminant validity) A0S (reliability) HAaZMINATOUVAIINNT

(robustness test)
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Construct validity
1. ANUATAT AU (content validity)

Construct validity Jsznounie ANuATUT U (content validity) A31NAT ABUHNOU (convergent
validity) {AZANNAT awamsmﬂ (discriminant validity)
ﬂ’J]N!‘i’lﬂﬂﬂﬁﬁl‘lf\‘l!u@ﬁ1!ﬂuﬂ1§ﬂ§°’£3~lu31!ﬂﬁ@QN@’JG’I (!‘Iﬂ! HUUaIUDIN) uumauﬂamuammﬁ“ma
’é)x‘]ﬂ‘]J5“’ﬂ@ﬂmﬂﬁﬁﬁﬂﬂ@\‘]ﬂ1ﬁfﬂ°”3ﬂulﬂﬂfﬂx‘]ﬂiﬂﬂ?ﬂ!!ﬁ%!ﬁﬂ1$ﬁ3ﬁ"iﬁﬂulll mamammumamgﬂumamum
Gll’é)\‘]!!‘uilﬂﬂﬂ!51ﬂ1ﬂx‘]ﬂﬂ‘ﬂ1ﬂﬂ%§x‘i1"iﬁﬂ!ﬂﬂ1" '
ﬂﬁ]ﬂiiu‘ﬁﬂﬂmﬂﬁﬂ1§ﬂ1!uuﬂ1§ﬂ1uﬂ3HJ!TIE"JQG]ﬁ\‘]!‘UQ!H@‘I"nNﬂQﬂﬂ"l‘iju
1. MIMBHALUIAATaNLazNfd o (defining constructs and dimensions) '
1) M3 ULHBIHIAA (conceptual definition) “’lli')x‘iéfll!g,ﬂi el (construct/latent variable/trait) 7
éfmmﬁ%’ﬂclﬁﬂianﬂamammmuavé’ﬂymwmwwmmumﬁﬂﬁuadnawsﬁﬂﬂ
2) mﬁuuumaﬂ (dimension identification) Tvuansansurlseamilulingos (dlmenswns 130 Sub-

domain ‘ﬁﬁ@ sub-sub-domain) ﬂ%ﬂ!ﬂu!!ﬂu!ﬂuﬂﬁﬁuﬂﬂﬂu W‘E’ON‘MQJHJWQEENﬂﬂﬂﬁ"l?‘iﬁ‘m!ﬂﬂ%ll ﬂﬂ@ﬂ!‘l'\lﬂal‘ﬁ
uu“lmuﬂsmummwmamqumﬂaﬂuu
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1. ANUATUTUUDN (content validity)

2. e aazaidontofaanioad initial item generation and selection)

1) M3a319AAIVAON (item pool generation) ﬂaaﬂwemmummumnﬂaeﬂﬂamnuummmw
viseRAgdeafifmual’ Tﬂﬂamﬂs‘uﬂsa%mmsmmmﬂmmma (adapt) ¥isoriunsesliofioguaz
NS LA (adopt) M1F]AEINTS ‘Vii@ﬁﬂﬂ?‘iﬂﬂﬂﬂﬂfﬁ]1ﬂ!!u3ﬂﬂ!!a$‘nqyc§] ma"lﬂmﬂmsaumymwa?iﬂ
mama"lﬂnuﬂamﬂmmﬂ

2) MIATIVTOUIL0IAM (preliminary review) YDIMHMAZANMMNIZTUVDITOMO M 1ilDAIY
Faru nszu lumniu nazaeanaesnunguvang naum"lﬂ“!ﬂgmmmmuﬂﬁumu
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A &
1. ANUATIBIIHOT (content validity)

3. nﬁﬂizsﬁuiﬂﬂﬁﬁmmm (expert content validation)

1) ﬂTiﬂﬂmé)ﬂﬂm‘”NL‘lm’J‘lﬂm (expert panel selectlon) ﬂﬂgaanwwmmmﬂummﬁ ﬂﬁwmjmsm
gmwmmmmmmaﬂumammeﬂiwmumfnﬂ“lummuﬂmmwau (mm 3-10 AU Nﬂuﬂmaﬂlﬂ) !‘szﬂ‘ﬁ
"lﬂwamsﬂﬁumu‘nuummﬁmﬂﬁmmmumwaﬂa

2) mimiﬂwaﬂmimmum‘ummm (preparation of expert materials) %ﬂ!ﬂﬁﬂmﬂﬂﬂﬁ‘nm!ﬂu
é’nmnwwmmm 15 ’mmJ's LA aANTIDY HenuFawnavesimulsudaaz i Nﬂﬂ@ﬂ‘n&?‘mﬂ (ﬂﬂ‘lﬁ’l&
Tﬂmu) gmﬂwaﬂmmmmﬂmmwmsmwmmmmuwaﬁumﬁﬂﬁumu (mm mmmms‘lﬂﬂ%mumm
q0ANADY wu‘nmmnmmaumm”)
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1. ANNATUTFUHBH (content validity)

n52UIUMTU5LI3IU (expert review process) vjﬁ‘;mmﬁyﬁmﬁﬂﬁzgﬁuﬁi’faﬁmmuﬁazﬁ’&ﬂﬂﬁmﬁm

1) ANNARANABIY/ANNATA (relevance/congruence) ABATINNIENNYToNALpeNfviuarise 13 (¥
K3 UNMIMUIM IOC, CVR) ) )

2) PNNAIdUAQN (representativeness/coverage) ‘msiieﬁ1muﬁ’wmmauﬂamﬁamﬁ%nﬂﬁadaﬂ
maaﬂ’auﬂmﬁlaamamumuma"lu mnu“lmlmmﬂmamwaunummnu”lﬂma"lu

3) ANNFARUUBIN Y (clarity) Fomanaldanidladie Bisnaa laisinssin

4) ANWHMNZANNVUIUN (appropriateness) VOMMNMHMZANNVLIUN Tuus351 vaznauihviang
%150 13 |

5) YoIaUOUULITINUMN (qualitative feedback) AiFemalHvoRawiu Auuzin WsomuemsilSuun
Fomanulunng o

6) ﬂﬁ’J!ﬂi1uﬁ!¢ﬂﬂﬂﬂ!ﬂ1wuﬁlwﬂﬁﬂiﬂﬂﬁﬂ (qualitative analysis & revision) ¥¥eiauUULIIN
wwmmmmﬁmmﬂﬁunaumswmsmmmaa%aﬂﬂ maﬂ‘smmmm waanlfunlaeudesa s
ANNFAIDY ATOUAQN Az ERANABINUNINIAATNARINITININNNGA

TA.AT.NUFE NIULNA MATTNED A NMNINENAETW AU 37



Item-Objective Congruence (I10C)

n
n

0 Y A oA A .
10C; = 3 j=1.2,..., n (n = NUIUAITEIVIYIAIOIND); | ADVDONNN i
A Y A Y A A A =
X;; = AzuuuInmMIlsziivdenini i veuive1maunseslenui j lagi X;;=-1, 0, +1

wamdagulene 10C; > 0.50
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content validity ratio (CVR)
sisuuMmenuues CNV az1iJu multiple choice

YamnuiaNuduluaemsiannils ... Gosmlsuna) visela? duasn (aenla 1 Yamiiy)

a1l (essential)

d T o
N5 e 1106 134813094 (useful but not essential)

Taiguih (not necessary)

v

garinmmnzamneunanduldly n153a CNV taz 10C feamaaavveanuUUaaUoIN MNNOUMS

v
%4 o

o a d'i 7= d o a
§1539939 UANIE319 marker variable [N 14 A4 CMB M HIHE15I2039
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Content Validity Ratio (CVR)

. v . < U dd'u T 9 1 Y g’J = o & %
Content Validity Ratio--CVR (Lawshe, 1975) ifluasinianvemuunazveriuianusuiunesmu
#3013 Tagannlylumsiannuaiauaz] L uiauNnsIa (scale development)
’Jﬁﬂﬂmﬂ%ﬂamammwwmmmmummﬁaﬂmmmwamamuumgﬂumﬂuﬂ"lﬁu annalaalrgas

N
Ne—5 &+ . . Y2 o v o “ Y2 s
CVR = —= tiie Ne fAodnnudmeamigilvinzuuy "suilu” uaz N fed1mnudFeinaiaam
2

1 || | =X d'
A1 CVR g5z 314 -1 83 +1 Iaem

1 A 1Ay A ' 1 oA = 8 1 Y Y U & A Ao & Y A
1) amndluvinuaasn wqgwmm'éymﬁlmy (GEN)) iU NvemuvanMIuaIna uuaean
L d' < | 9}4' Y | ' <& ' o <
2) ﬂmsﬂuammmzntggwmmmmﬂwaﬂummmuﬂu ias
Y =K = d’
3) A1 0 HINEUDINDANI )

Y

A CVR ﬂﬂm’eﬂaq, mmmmau%mw@ﬂﬂnmmuwwmmm NMHUAIRNRITEIY I8 15 ALY
A

"th CVR '51’13J1‘§€]ﬂ1ﬂ’31 0.5 "lﬂ ﬁ]1‘i]1‘l%’§l‘l~!i§!‘lfﬂ?‘lf1€}!ﬂﬂﬂ!ﬂﬂ!“ﬂﬂ’0 CVR ﬂi’)x‘i%ﬂﬂ n'meiwmmag 10 AY
a1 CVR > 0.60
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a |
2. ANUATUYUKNDU (convergent validity)

ﬂnmmaa%amﬁau?ﬁaﬂammaﬁa@:s% (convergent validity) ﬁaﬁﬁ’ﬂgmﬁuaﬂflﬁgﬁuimms5’916119&351
ﬁmmﬁ’uﬁ’uﬁﬁiw’Jnﬁwﬁaun%aﬁaﬁu (ﬁagj@ﬁ) mmﬁﬁlﬂﬁzgﬁu"lé’f 295 |

1. Jommuau 4 malinasiaeni gﬁeum5%’ﬂﬁuﬂiwnané’wﬁmﬂ%’@ﬁmmﬁﬁaﬁ'ﬂﬁ’auﬂﬂﬁmﬁ’u
gnmmmaﬁl%ﬂa item loading umm"lumn’n 0.707 Hazdiisd 1Ay uaz AVE = 0.50

2. A5 IADU 9 ﬂ"lmumﬁsjammnﬂmuﬂﬁgﬂmnu A® multi-trait multi-method (MTMM) Jaesi
wanmIneIzmaianmatunIsazlfinanadeiy

9170 Trait aﬁmﬁ’uﬁwmﬂgﬁ’ﬂﬂuazamu‘lﬁﬁmammﬁmﬁﬁuﬁ’uﬁmmﬂzgmu F-score 21NUAAZHILIL
udaaulamamamaaaulaiine MnasTaM UV NNATUTIHN UMWY r > 0.50 (Bagozzi & Yi,
1991) 1139 r = 0.60 (Hair et al., 2019) ¥i30 r = 0.70 (Fornell & Larcker, 1981)

A1 multi-trait udaniviarenumilsuele (latent variable, construct, trait) 1HiHnoennlslumnnsen
wnuAa ualuvulynusigmwzdulsuelsdufsua iadisanas Tavaenuy nadnEnen 1NN AT S
IiNeY zmmaﬂw‘munu‘nﬂmmJmsla“l‘uﬂsa‘uumﬂ3mﬂﬂuawamawmuﬂmmqﬂmﬂmmaﬂmn U
waawm%ﬂumﬂﬂ"lﬂﬂaﬂ:mwmmmuammwmmmamamsmﬂ“lm’ammmnu
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multi-trait multi-method (MTMM)

mono-trait hetero-method ?ﬁf NN hetero-trait hetero-method iETﬁlln

[ ——
Trait A Trait B
ml m?2 m3 ml m?2 m3
Aml 1.00
Am?2 0.65 1.00
Am3 0.62 0.68 1.00
Bml 0.25 0.20 0.18 1.00
Bm?2 0.22 0.28 0.24 0.70 1.00
Bm3 0.20 0.23 0.26 0.68 0.72 1.00
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Multi-trait multi-method (MTMM) (Campbell and Fiske, 1959)

Gl‘lr! MultiTrait-MultiMethod (MTMM) A1 Tralt ﬂi’)aﬂﬂﬂﬂﬁﬂﬁ?ﬂ!“ﬂu ﬂ’J13~l"lf3»l!ﬂi1 NAUARA

(@

U

ﬂ’ﬂﬁ»llliﬂi] Multitrait ﬂ@?ﬂﬂﬂ1ﬂ!‘§@ﬂulﬂ‘v\|'§’m~l "| Y lﬁi’)\‘l!‘l‘iﬁ]uuﬁlﬂ‘i}

v

*%4
+%4

!ﬂﬂ’J"Ui’Nﬂ‘H BFUIANIINRAA

mmm ﬂ31Nﬂﬂﬂﬁ1Qﬂ55ﬂ !W’O‘W’GT"D‘H’JH!‘]J‘]J’JﬂNﬂ’JﬁJ!!N‘Mﬂ1 ’Jﬂulﬂﬂiﬂl’iﬂx‘l "lu'"lm"lﬂ’mgﬁm@uu

mmmmuu !ﬂﬁ‘mWﬂ’ﬂmiﬂi’anﬁ@‘U discriminant validity
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Multi-trait multi-method (MTMM)

Multi-Method chmﬁﬁ%ﬂh"ﬁumnﬁhaﬁuadni’iaﬂ 2 Fplumsiiudeyansoiamdoyaves
Construct/trait 11U A0en3nsain Iadlsudsdfeuaa13nIne 19t I8INAT IANLUMS 94 Ao
Self-administered questionnaire/self-report questionnaire (HUVU@ UDINADUAILAUIDI/NLVTOUDIN
FIPNUAUDI) 1Y UVVADUINUVY Likert scale

Observer rating (M31AnzuUUlABRTUNA) 191 YARAMEBUONIARZIHUNGANTIHHTOMIUHTR

Physiological measure (M3IAMIATIING) 13U SATIMIAUVRITI M IWvesknmiig

Behavioral Task (nw/mnganssufidunald) sy snnuadsiiomainstremaedon msved
M MEINY

Archival Data (19ya910@Na3/TUNN) 154 NWITHaHhanniunnuIEn
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Multi-trait multi-method (MTMM)

I A

Fa371 MTMM 3aSluozist iuanamanduiussz1iing F-score Y04 method el Trait (ANNANN
2 trait (1% A, B) uazlunnaz trait 3 3 method (n}u m1, m2, m3) Aoz 1A0sEUUIA 6 X 6 VDI Aml,
Am2, Am3, Bm1, Bm2, Bm3 muaﬂaaﬁauwuﬁﬁwmnnu aﬁauwuﬁﬁwmn method AINAIGIA
aﬁauwuﬁswmm trait AIINAIR M519 MTMM m‘lwaﬂewam convergent validity {a% discriminant
validity 1lunandeiny
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3. ANNATUFID N (discriminant validity)

ANNAT AT IV WD (Discriminant validity) ﬁ@ﬁé’ﬂﬁmﬁuaﬂa3'1mm%wm¢'fwﬂmvlmfia Pt
ﬂamauwuﬁﬂummﬂu‘lﬂnummaﬂﬁummuﬂmﬁmm NNIFILUNNAINY 300N HIIND
mm’mmsaﬁummsmmm“lummam‘lmwmmumumﬂﬂmmnmanu"lﬂama“mﬁm Hazuenuee
eonnRAdUR IRIT04 (Campbell & Fiske, 1959)
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d U A Aa o
mmmm%mauimmmmmammmamﬂ

357 1: Fornell-Larcker Criterion (1981)

o A '
VAVE > Corr(X,Y) Tﬂﬂﬁ X 1182 Y Ao F-score va3dmilsurs VAVE Aa510Na03v049 average
item reliability (ﬁ@ average item correlation) voansupls

357 2 Heterotrait-Monotrait ratio
% a4 ' % v =

HTMT < 0.85 (1944930) %39 HTMT < 0.90 ({louilsu) srannnn il linsiaaeuiinisnd cross
loading ttaIMuMANY Iannelvinatlaym
35N 3 Cross loadlng

ﬂ@ﬂ"lﬁ‘Vlﬂ’J“]f’Jﬂ"ll?Nﬂﬁllﬂﬁllﬁlﬁﬁuﬁwﬁﬂﬂuwuﬁﬂﬂ F-score "'llﬂﬂﬂ?!!‘lji!!ﬁlx‘iell@QN‘HEENENﬂ”JHJ
’sTT‘i'sTN‘IN‘L!ﬁﬂ‘]J F-score maamuﬂmdaau

f,nﬂ’J“II’Jﬂﬁll@Qﬂ’J!!ﬂ‘i!!ﬁ\lﬁﬂuﬂuﬁﬁﬁﬁlwuﬁﬂﬂ F-score 511?)\‘]ﬂ?!!ﬂﬁl!ﬁ\lﬁﬂuﬁﬂﬂ31ﬂﬁﬁﬁl‘wuﬁﬂ‘IJ F-score

vosimlsurlsvesamesnlaniiiam discriminant validity Wi rsandadrs Sathig GERRLGH
neoudntlumiTadnawsolu)
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Heterotrait-Monotrait ratio

II—I

1 X K; -1 K 2
HIMT, = 2233 ron+ | i Z >t Z > ri
BERY g=1 k=1 f g=1 h=g+1 -T I g=1 fi=g+1
L e y e
il T
average geametric mean of the average monotrail—heleromethod
heterotrait— correlation of construct £ and the average
heteromethod monotrait—heteromethod correlation of conatruct £

geometric mean of indicator
correlations between £; and ‘Ej

B

KoK~ K.
\/Hg:i]_ Hhi] Tig ih

HTMT2;; =

Ki-K; K 2 —K;
VI ™y
H ]._.[h_g 11 Viggh l_.[g—l ]_.[B—y 11 Tig.jh
peometric mean of indicator geometric mean of indicator
\ correlations within £; correlations within Ej-
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A
AN (reliability)

ANTIEN (reliability) AD szAUTIMIBe Taa I salfinadnsTidonndas (consistent) Hisonad
(stable) emmsdadig maldseuludainu laines Tamansesiemany Jal agniuaadnu Jalaanai
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P (Joreskog,1971) Nt sudINMIFIA k M A1 k = 1 ITWUN

w'(S—diag(S)w

w'(Www’—diag(Www'))
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V(T)
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1. Aggregation Bias
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1. Aggregation Bias
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S€os
YV o W d' :!’ Y BQJ . . . :i S 0 Y 0 %4 S c'>
T Ay (5eeins R leyr multicollinearity i seg axiiagasilv ¢ §1%3U MRA/SEM fiane
razauyfg M Ivee: Tt A q Nenliiaday) wafimsenaemsulanatazaslwamside
Al (ecological fallacy)

97.A7.4UFT WIULNA NMAITNEDH NINANENAEITH AN 63



w

v 111398 SEM/Path-model/MRA Mfn1i30 13f13190

An W 1. Aggregation Bias
wunifam
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1. Aggregation Bias

55T Aggregation bias
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1. Aggregation Bias

&
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1. Aggregation Bias
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2. Endogeneity

4
=X

. = . = d' Aa A = . Y Y
Endogeneity nooaxls? Endogeneity ﬂf’)ﬂﬂmﬁ’l!ﬂﬂﬂmm@ Error Term (¥i9® Residual) nuaauls
daszhANMENTUE Y mmwﬂﬂaﬁmmm‘lﬂu
1. ﬂ1%T%J‘ljiuﬁﬂﬁﬂﬂﬂﬂﬂﬁuﬂﬂﬁﬂ?!!ﬂi@ﬁiuﬂ‘Uﬂ”Jllﬂﬁﬂ1Nﬂ1ﬁﬁ!ﬂu§]§x‘]‘l’ﬁﬂﬂ1!ﬂ‘l—ﬁ)§x‘] (over-

estimated/under- estlmated)

v
AR

2. dunlszansoanaes inconsistent uiiavNATIo afiTana iR
3. myagUlmaaunnianain
1) muﬂ‘m’sﬁzuawmuﬂmanummmmﬂmgawﬂu"lu”lwmmmmaummu
2) omitted variable bias Tlﬂ?‘if’n’mﬁ]‘iw%T‘Vlﬁﬂmﬂ!ﬂaﬂ‘l—m’\lﬁL%Jm’lﬁ‘l’\msll@fiﬂ?!!ﬂﬂ’lll%ﬁuﬂ
Uzdhuinlludoyavesimilsoass
3) m"lmmﬂuﬂmm endogeneity ﬂTmﬁJ‘i‘”ﬂ‘nﬁﬂﬂﬂ@ﬂ%uﬁﬂﬁﬁﬂﬂuﬂu%ﬁd
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2. Endogeneity

fayri1 Endogeneity mﬂmu"lﬂmﬂﬂmﬂmmm U

1. "!u'"lmmmuﬂgmﬂm (omitted variable bias: OVB)"lzf!umgmu mm "anuvauluguMnlagaIua?
W) (fulsngnazia) i HANNTNWUEN "ms@@ﬂmmmﬂ " (ﬂumauammwnuﬂc‘owaanmmmﬂ)
"mm‘neﬂuammwiﬂﬂmum" (ﬂ?t!ﬂﬁﬂﬂﬂﬁl‘"ﬂ\‘i) ARANNANNUE N "FUMN (X)" (AUFDUFUNINA
qUANANIY)

muﬂwmmiaauwuﬁﬂum X 1182 Y Mauiusiu v ma"lmnmmamumj AMVVIZBBLY Y 10
uaﬂm Ao R2 M mﬁNW}!ﬁﬂ‘].l X azliiinane R2 uﬂmmwmaﬂmmwe,ummgmmwaﬂum"lﬂn x 3@ s
f1Aey Ao X gnnanInumia q f muﬂsﬂmmﬂﬂa1ﬂ‘nymsgﬂumuﬂiﬂ"!u'"lﬂmmmﬂ'umsmu

2. ummauwummnammaswwanmuﬂsammawmuﬂmm (simultaneity/Reverse Capsality)

3. mmﬂmﬂmaaumﬂmﬁmmuﬂiaaiw (measurement error), ﬂsWﬂanmﬂmmﬂmﬂmaauau 15U

?3153»1%1! mmmuaﬂm ﬂ’JHJ!‘]Ji’)WLﬂfJ ﬂ’JﬁJﬂlﬂ‘i]Nﬂ‘lf’JﬂﬁTJ mm1wﬁ"luﬂ°lummuﬂammuaaumaJ ﬂ1‘€|13~lﬂ1ﬂ33~l

‘]JNGllﬂ ﬂ1‘§31\‘1!§ﬂ<1ﬂ1ﬂ13~l 31]!!,‘]J‘]J‘lli’3\‘lﬂ1€lHJTI'E)H]!GUﬂi]Nﬂ ﬂ’J'Iﬁ»lﬂQWIEﬂﬂﬂﬁlﬂﬂ1§3ﬂ!!‘ﬂﬂ!ﬂuﬁuﬂ‘ﬂ !‘lf‘H Nﬂ@llll
!!‘H’JI‘HM‘H%J’]@‘Uﬂ]ﬂ13\|‘luﬁx‘l‘nﬁ\1ﬂNﬂ@ﬂiﬂﬂ’iﬂ?‘lﬁﬂﬁ]iﬂﬂ] Nm‘uwm:ﬂuumumummumﬂmﬁl‘mam
ﬂ]ﬂ13~l°¥l1!ﬂ‘i.lﬁﬂ1ﬂ9‘ﬂﬂﬂ@ﬂﬂ]§ !!‘U‘].Iﬁﬂ‘lJﬂﬁJ‘V]EJ1’J!E’G]W"I$1J°‘U?J‘L!!ﬂ‘L!111J ummmaammaaumnmﬂm M9 10
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2. Endogeneity

N13INAadU Endogeneity A Control Function Approach (CFA)

CFA 9 mumaamﬂaumﬁ X =1(Z) +e Tert z Aonamnsniosiie (instrumental variable) S5
ﬂ?!!ﬂﬁ@ﬁﬁuﬂuﬂﬁuwuﬁﬂﬂﬂﬂllﬂﬁﬂﬁﬁu X ‘VI"I‘HMWIWE)NIE’N X N1 Yiuﬂﬂ‘ﬂﬂ‘!u‘nﬁ]uﬂ\‘l exogeneity Uay
endogeneity ?)ﬂﬂmmﬂ X

!!H’Jﬂ’ﬂﬁlﬂﬂ!i?)Q‘Mﬂ?)!‘ﬂﬁdﬂﬂinﬂ’a!!‘IJ‘i@ﬂ‘i” X uumi\auﬁ’uﬁﬁ’u residual 1380 X 1 111 endogeneity

mmﬂummuﬂﬁgmmm Z B m’Juﬂﬁmwmuﬂnmumuwuﬁﬁu X 1Hluainvos exogenous taz
endogenous (muﬂauwuﬁnu e) MINUNAIU endogenous Nred1AeydIFiviNIwn |y

[V
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. a v o A P~ | o
eur1niinId8 SEM/Path-model/MRA MAA130 1NA1H19D
2. Endogeneity
fee19nlstn3eaie
Na15andnuuae 1

revisit intention = f(destination image, experience economy, tourist satisfaction) + e

Instrumental variable U4 destination image 1y Glinam?%mﬁ’nmwﬁ’nmﬁmmﬁuﬁﬂmﬂma
Instrumental variable Y94 experience economy a1y mﬁ"lé’%ug]ﬂmd’suaﬂgsi’hﬁﬂumﬁﬁmmﬁfj
fuwvl mslasulinsarvannisaeinsAnmema o
Instrumental variable ¥84 tourist satisfaction 910tHumslaidnuazaumnuanlunum
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Teuri11in 398 SEM/Path-model/MRA 11Aa%30 lif13119019
2. Endogeneity

503 ’ma@mmzuﬁﬁtym Endogeneity A28 Control Function Approach (CFA)
1. % z hshulsinTesiie Suaums X =a+a Z+e, 14 X=a+4z
Aved X Ao exogenous part Y93 X HazaIUINIAD (L%ﬂﬂ?h control function) Ao e =X- X fe endogeneity
part 494 X agflan dunlssaszniis 9 2231713 exogenous part Uz endogenous part @A Na1dAIN
diulavies
2.5MaNMIY=2a,+aX+ae +v
1) 01 a, HiTEAIAYUAAII X 3 endogeneity D3
Triunifsyn endogeneity laeily e_1fludusaivau aumsﬁ“l%’uf’iﬁagm endogeneity A®
Y=a,+aX+ae_ +v(NoH ae_ noauiniugi)

U o W a ¢ v a a
2) 0 a, JATEAARIAAI31 X 13l endogeneity THIATIZHAMULIAN Y =a, +a X + e A13AN
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2. Endogeneity

I5n3rvaeunazunilayi Endogeneity @38 Control Function Approach (CFA) aunifaurinnie3s Two-
Stage Least Square (2SLS)

1.9% 2 Sluganlsinsesile Suaums X = at+taZ+e NX=4a+4Z
A1v0d X Ao exogenous part U949 X HaTaIUIYIAD (!iﬂﬂ’ﬂ control function) Ao e =X- X Ao
endogeneity part Y93 X (a3 Yo daulsdasennia 9 é)uu‘m exogenous part ila¥ endogenous part
uawaNaulannaIvlailes

2.5MauMIY=a +aX+ae +v

1) M a, HTa@1AgUaaII X A endogeneity 933 1#innifayrin endogeneity Jaaly X iluaanls
dasy aumsﬁ“!%uf’iﬂagm endogeneity Ao
Y=a t+a X+v

) [ %4

F 4 ' o ' 1 . ya ¢ v a
2) 9 a, Tudfednanaasin X Tad endogeneity Taianzrhamuuman Y = a,taX+e

]

AN
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Gausin Copula
TiJsun33 Smart PLS4 923131y Gaussian Copula 15@m3unsiaaauifayril Endogeneity msuilag
F 4 Y

Yoyanazn135u CFA (control function approach) Nosinaluniaziluasn Smart PLS4 Mlumnnias

. U AYv Y A' Y d' =~ d'@ Y = d' %
VDN Gaussian Copula 1!ﬂ’mﬂ!!ﬂﬁ%g%@ﬂ?!!ﬂi!ﬂﬁ@ﬂuﬂcﬂﬂﬂﬂx‘i!ﬂiﬂﬂl!ﬂﬂ!ﬂﬂ?
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2. Endogeneity

ammmmammmuﬂmm Endogeneity
. ﬂ1ﬂ3J1J§°’€1"Vlﬁ°llEN!ﬁ‘l!‘ﬂNﬂJ"ll‘M1ﬂa!‘ﬁﬂlNﬂ1Jﬂﬂ (!‘U‘Mi’f\‘]ﬂiﬂ 0.80) ‘Vii@!ﬁﬂﬂﬂﬂﬂﬂ (!‘Imu’é)ﬂﬂ’ﬂ 0.1)
. ﬂ1ﬁuﬂ§uﬂﬂﬁﬂlﬂﬁlﬁuﬂ1ﬂuﬂﬂ‘n1\‘]Wﬂ%"lﬂ‘m]‘]el@]
2114%1’3»1ﬂ"|§1’|ﬁ’x‘]%1’£]3131 Endogenous Construct a’x‘]%ﬂﬂwﬂ‘ﬂﬂﬂ (!‘lﬂ!ﬁ»ﬂﬂﬂ?"l 0.80, 0.90)
. ﬂ1auﬂﬁwaﬂﬁﬁummumaaﬂaﬂuuﬂmamauuﬂmﬂmmam robustness test
. Nﬂ’J]Mﬂ’NWHﬁﬁ”‘WJN Latent Varlable Scores mmmuﬂ%mmmmwmumaa
. uﬂmm Multicollinearity mﬂmﬁmu"laflw Endogeneity Taens Q!lﬂﬁJﬂ’J]ﬂJ!ﬂﬂ’Jm@\‘l!Wﬂ“’ Endogeneity
0199nUA1IIlAe Multicollinearity

c\Ul-hS»Nr—t
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ce 2ee 2ee 2ee e gee Qee 2ee 2ee e

H

= = =

= =

H
H
H

t4Y Gaussian copula (GO) t1ag Quadratic effect (QE) 134 Smart PLS4
Glluﬂﬂuﬂﬂ"l‘ljuﬂﬂﬂ1ﬂﬁﬂﬂﬂ1%ﬁ§1ﬂﬂl@ﬂﬂw\|ﬂﬁu Gausian Copula

mumsasnmmayamm GC
: U PLS-SEM & outer weights
: AU Factor scores YD4I antecedent
) [~ = | = o ) ) Vv
. magmFactor scores ¥4 antecedent 111 Rank (Roisaaavumainaitiosluinn
. WA (n+1) 2210 Fractional rank
aoun 5: nasnuilu Z-score A NORMSINV() (158131 copula term)
AoUN 6: 1d copula term 1N 3aaiily TV i
AaUN 7: SU PLS-SEM vyl
AdUN 8: 9 sig Y24 copula term
X A 1Ay T .
AouN 9: AN 1/131H endogeneity

s 3
@
= =
=). =S).
o

hS
)
=
=
Je

S
()
=
-=
I
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=
3

=

ce Ree Ree 2ee See e 2ee
b

=
mﬁ

=
TN

Do

=z =
s 3
@ @
= =

= =
s 3
@ @
= =

wm Quadratic effect (QE) 1y Smart PLS4
mumuﬂa"lﬂuﬂ@mﬂﬂam%asmmammam Quadratic Effect

wmaumﬁmnmmayamm QE
1: 5% PLS-SEM 1A outer weights
2: AN Factor scores YD antecedent
3: gnNfaIaDdd F-score 19 QE ter'm
4: J& QE term tunlauaarilu 1V 1

11 5: U PLS-SEM lviy

9UMN 6: 9 sig VBN QE term

il

U

D.

D-c

UABUN 7: ANNN a1 QE ”lllll‘t!ﬂﬁ1ﬂ€ll!!ﬁﬂ<1?]HETH‘V]N‘H‘H!‘IJH linear lvinlamnamuiné o1 QE 3

anaasdumatiauihi curvilinear Tandawanmdmnlsaunaudununaaaniteasuilsnin

ﬂ"l!WN/ﬁﬂ’OEhx‘]N"lﬂ

96.09.1UGT WILENA NMATINAT I NNINENARIW AN

77



ALY SEM inlvaaeslrnnuaulasaziesmviuaanydgiulvininsod

1. Causation model wﬂmmmwam’qu‘ygmmmamumﬂunﬁammaﬂ’Jmﬂﬂmmgﬂumﬂu
v3uminlassaladly aummuﬂamaeuﬂmauma

2. Mediation model wﬂmmmwammmmmwﬂﬁﬂuﬂma M mﬂmﬂﬂummaaumymwaan
ﬂmvfﬂmmﬂsamuumﬂummmiﬂaﬂmammqnuﬂmﬂwaawma XM~ Y laasariselu aeala
aHUAYUHIOTAVNINNNENHUS auyAgIUAONATOUNARAV a-path DU b-path Av ab NIEE1ATY
%30 13! "lummmaauuﬂmﬂmmm a gz b

3. Moderation model sithvnefiensiageudanlsiiy w mswmummaaumymwmﬂ
%1nvjﬂwmsamuumﬁmmnummauwufﬁ X — Y 'laasarisely mpu"lﬂﬂma"lﬁ ito W Sistios
ﬁ%fz)ﬁ?{1ﬂn§ﬂmﬁﬁ%‘6§ﬁ1g& (381171 pick-a-point) aNYAFIMIZMHUAN conditional effect AD (a+dW) 71
AvdAryaie W liaum’ls
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AU SEM iinddgaadlrnnuaulasaziesmvivaauyngulvasainsen

4. Moderated mediation model shraneiienseaeudmssiiy w ﬁmmﬂﬁ’umﬁ%ﬁmmaﬁ%a
anmn?ﬂmmmaumumﬁmmnm’JmauwuﬁmmgamlMﬂmumwmmaﬁmﬂgaumwmmamu
mﬁﬂunmam@mmmummunmaww‘lmaama"lu s igaiels !!ﬁ”ﬁJNfﬂ‘Viﬂ‘ﬂﬁWﬁﬂN@@N@EJNN
Nau"lm (conditional indirect effect, CIE) ﬂmaaauma‘luimwma Path chain) uuﬁmmﬂ‘u 15U
(a+d*W)*b HAUMls uuaqmtyma‘lmm W limiiles visedmimunaansedingy (580 pick-a-
point) amgfﬁg UM HUAN conditional indirect effect ﬁ@ (a+d*W)*b

| ]
AN U AWV o

5. Quadratic effect model ABMINUY mediation ¥i3® moderated mediation NN IDIMHUAITAIIAYU
mmﬂﬂmﬂmmaﬁmﬂmmfwummmmmnumuﬂsﬂmﬂmawamumamm'u%amuim auilhuda
ulasflragdnmtaduauvia (X) ummmu 1 viue andsdarena (v) azianilu y = bx + ¢'x?

amgﬂg mn‘muﬂmmu mediation model ‘P‘i‘iﬂ moderated mediation model
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MUY moderated parallel mediation model with QE

b4

DMNMNDZAANYAF UMM UAMNFITUNIIAL

1. PP>PVRIN il PPPV (28 BF daNEnanaoen et
(doulvfe CIE = (a1 + e*BF)*b1 auyAgIvUAL

H1: (al + ¢*BF)*b1 130 BF =-1 SD (#1115 Z-score 223 SD=1)
H2: (al + e*BF)*b1 gﬁa BF = 0 SD (#11)5 Z-score Aunag=0)
H3: (al + ¢*BF)*b1 13® BF =+1 SD

2. PP>PU—RIN 3N Wamedonne a2b2 anyfgivune

H4: a2b2F 0

3. PPORIN aumM35fMa3 2 Ao RIN = ¢’*PP + f*QE

QE #s PP? auyfigiuno

H5: F 0

H6: fF 0

1 H6 Wisdmdguansdundume PPORIN dhadulas onla
vedmnauansInihuauass Whilldoah o

EBrand Familiarity: BF
Perceived Value: PV

Purchase Urgency: PU

Perceived Price Discount:
PP

Repurchase Intention: RIN
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3. Panel Data Analysis

Panel Data Analysis (1,{%@ Longitudinal analysis YD) Repeated n}easure) ABNMIAATIZHA MUY
NN ZHINUDYABYNINNANNUTIYANAAAYIN apNANZHMMUUR T eI zriidluesimsndd
uuﬂnmauamﬂmmmwmgmawmﬂmsgsmmuﬂmﬂnm (longitudinal analysis ainemunguauan T
Hae 1J) sﬂmmﬂﬂmams1Q,vﬂﬁmum@ﬂﬁwammmummﬂmmmsasmmunm (panel data)
riSesEranInEd 1510 RNveRIRMIBBINASI T 9 (longitudinal data) (38171 within group
effect ﬂ‘lJ’J!ﬂ'ﬂ°’ﬁ@ﬂﬁwaﬁlliz)\‘iﬂ?!!ﬂi‘i”‘ﬁ?ﬁ’e)ﬂﬂmﬁ {38111 between group effect

J CYRRLY SEM/Path model maumﬂummmm WY NUATUMTE mamauamnwmuaemm
é’ﬂﬁ%amﬂummammnuﬁmﬂﬁmm:mnmuuﬂmmﬂmﬂ’maﬁ Mundlak model agio 1)

U
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v v v v Av <& 9 = & . . . Y < g
M98V panel ‘lmmazmvmnmaya 2 AH/IA1 ADINA (!‘iJ‘L! time invariant) loyalty 2 vartJum

udsmn anuianele 2 9o (ST1,ST2) Ann1I4la 2 4e (TR1, TR2)

Firm | Time | Gender(W) | LY1 | LY2 | LY3 STI ST2 | TR1 TR2
1 1 1 4 5 3 6 4 5 7
1 2 1 5 6 4 7 5 6 6
2 1 0 3 4 2 5 3 4 6
2 2 0 4 5 3 6 4 5 5
3 1 1 6 7 5 7 7 6 8
3 2 1 7 6 6 8 6 7 7
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mM3dansveya 1.4111l5 loyalty, satisfaction, trust 111 multi-item variable et a5 ufen1naoued item score 8N
composite score %“Ulﬂﬂﬂallu comptLY comptST, comptTR

2. mmmawﬂaawm 3 uiﬁﬁWﬂWLﬂﬂﬂlﬂWWWUSHﬂ%Wﬂ composite score & aggregate score Ao aggreST, aggre TR (G]”JLL‘]J?
auazAILls time invariant UliJG]’e’N’dﬁN aggregate score)

3.1 aggregate score l1laumives composite score & mean centered variable A® STcenter, TRcenter

4. (590 aggregate score Li01¥ mean centered score dmalsaw tazauals time invariant 1) 19

Firm| Time | Gender(W) | LY1 |LY2 | LY3 |ST1 | ST2 | TR1 | TR2 | comptLY |comptST | comptTR |aggreST | agereTR | STcenter | TRcenter

4 4 4

1 1 1 4 5 3 6 4 5 7 4 5 6 5.5 6 -0.5 0
4 4 4

1 2 1 5 6 4 7 5 6 6 5 6 6 5.5 6 0.5 0
4 4 4

2 1 0 3 4 2 5 3 4 6 3 4 5 4.5 5 -0.5 0
4 4 4

2 2 0 4 5 3 6 4 5 5 4 5 5 4.5 5 0.5 0
4 4 4

3 1 1 6 7 5 7 7 6 8 6 7 7 7 7 0 0
4 4 4

3 2 1 7 6 6 8 6 7 7 6.33 7 7 7 7 0 0




mamamﬁi}ﬂmimauammum single-item variable 1oy multl-ltem variable
162115 satisfaction 1 multi-item variable 1¥er519A13 amammawm item score f1© composite score wla

AN comptST auls single item variable T3idoan composite score
2. mmmaamwumw% aggregate score Ao aggreST aggreROA, aggrelLV, aggreCF
EJﬂ!,’J‘LM’JLL‘]J’iGmJ (ﬂ@ repurchase, RP) LAgINe QN!,‘]J‘L! time invariant var "luﬂamam Gl"]f"ll’e]iJa@]‘]J

3.1 aggregate score l1lanarves composite score & mean centered A® STcenter, ROAcenter, LVcenter, CFcenter

= [ ] . . . 9)
4. 13N aggregate score LA mean centered score a5y azaus time invariant ll‘]JGlGIf

Firm| Time | Gender(W) |ST1 |ST2 | RP |ROA| LV | CF |comptST | aggreST | aggreROA | aggreLV |aggreCF |STcenter | ROAcenter| LVcenter | CFcenter
1 1 1 6 | 4 | 15 [ 0.08 | 0.45| 500 5 5.50 0.075 0.475 490 -0.50 0.005 -0.025 10
1 2 1 7 5 | 18 | 0.07 | 0.5 | 480 6 5.50 0.075 0.475 490 0.50 -0.005 0.025 -10
2 1 0 5 3 | 20 {0.09 | 0.48 | 520 4 4.50 0.070 0.540 410 -0.50 0.020 -0.060 110
2 2 0 6 | 4 | 10 [ 0.05] 0.6 | 300 5 4.50 0.070 0.540 410 0.50 -0.020 0.060 -110
3 1 1 7 7 | 12 | 0.06 | 0.55 | 350 7 7.00 0.065 0.535 365 0.00 -0.005 0.015 -15
3 2 1 8 6 8 |[0.07 | 0.52 | 380 7 7.00 0.065 0.535 365 0.00 0.005 -0.015 15
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Mundlak equation & 1451 moderation model 150U Panel data

ROAIt = c1*LVcenterit+c2*REPcenterit+c3°*(LVcenteritxREPcenterit)+Y1°aggreLVi+Y2-aggreREPi+€it
visoninalsnauay w
ROAit=c1*LVcenterit+c2*REPcenterit+c3*(LVcenteritxREPcenterit)+Y1*aggreLVi+Y2° aggreREPi+61 *Wi+€it

repurchase (RP)

Leverage (LV) y » firm performance (ROA)
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Mundlak equation @ 151 moderation mediation model 1411 Panel data

CFcenterit = al*LVcenterit+a2*RPcenterit+a3*(LVcenteritxRPcenterit)+Y1*aggreL.Vi+Y2-aggreRPi+€1it
ROAit=bl1" CFcenteritJrc"LVcenterit+Y3 ‘aggreCFi+Y4-aggreL Vi+€2it

repurchase (RP)

cashflow (CF)

leverage (LV) > ROA
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3. Panel Data Analysis

v

HanNSN19HUY89 Mundlak model (Mundlak (1978)
1. “lﬁmmmaﬂsummmuﬂﬁ (mmmm 3 fanals) Juesans/panel 1Al Aggresate score misléinae

ﬂawnau/eaﬂm‘s"lﬂ aggregate score Ao X1,X2 Xk

mﬂ?!!ﬂ‘i single-item variable U 51817 918 51m mmumsmam ROA ROE l#im aggregate Value"lﬂ!aﬂ
911744 multi-item variable 3aA28 Likert scale 1130 Semantlc differential scale ARaniuilu composite scorefd
item mean gaﬂﬂeuua’aﬂe‘lﬂmm Aggregate value 1%

Ly = Wit Wit WistLViatLVis _ oty 020 (oo mean) Y04 Loyalty 5 40v031i35mii i

2. ihauadeliinesnain Xi;i=12, ... kiouwlax,= X, - X.);i=12,... kt=12, ..., m; 38N
mean-centered variable

1) ludeanlasméunlsamu (v)
2) ludeauilasmidianils time invariant ~o W 13 1wy e ﬂTiﬂﬂ‘ieﬂ Uina viinaaaIvinITH oda

3. mgmym"lﬂmzumﬂ’Juﬂsammmu mean center (@NONHIAINUVIAN) sdsaunie @ulsdnysnuw
d LY Y'Y a d
Tnaifitnsearaneuns) uazanls time invariant A9nysnunlvas lufinsudasa)
w v d v v Y
4. mlsszavesnmanazszAULANANIAN TULUAEINY
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3. Panel Analysis

[P} A — — —
4. AMUUUNO Yit = BO + lelt+ BZXZt +..+ kakt+ O(1X1t + aZXZt + .-+ (X'kat + y1W1t + YZWZt + Eit
1) 1 SEM sviual#is novaamsinnmainudlsmu @oaulsiaugnasasa) vanms
= v A v LY a d' < . . . =~ Y % L% Y
wennunaausan (V) uazdmilsoasziilu time invariant (Ad Wi, W2 91901) Tudeanilaam
2) M3 NA construct 1HNA Paamumlsdaszluanms unag construct azNATIAN AL

v a A A A — —
3) @4 calculate MNUNA aila. W04 x1, x2, ..., xk NBONEWAVBIHIIEMalUNaN aia. woe X, X, ..., Xj
A A

ABBNENAIZHININGN
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v 111398 SEM/Path-model/MRA Mfn1i30 13f13190

3. Panel Analysis @9 U Mundlak Model

1. l¥hu panel data analysis
2. 91 GQIJTJ%!‘IJ‘S i1y time varying variable

1) !ﬁ@ﬁ%!!ﬂﬁ il single-item variable Tvivin aggregate score 1193 demean

2) e nsiily multi-item variable 1#ia319 composite score NOUHAIN aggregate score Iay
demean variable
3. a5 time invariant uazausain (v) ludasa Auuaiilyu multi-item variable 1%i%1 composite
score NOY )

4. (580119 mean-centered variable, aggregate score, Y Q¥ time invariant variable MTHUA

aanvvazilumui
Yit = Bo + B1X1¢+ B2Xoe +oo ot BrXker €1 Xq¢ + X + -+ + 0 Xe + Y1 Wi + V2 Wa + &5
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MSUIHIT VYA

1.1 MLM 151guéeen03nms uﬁiazfz')aﬁmﬁtjuﬁ”mshaé'hgmuméﬁm’Juﬁf'!a vy avaInmils
V198134 multi-item variable V19@IUTiH90101) single-item variable V19831010114 time invariant
Yoyan1aliszAUNIL. HazAUeInMI LI ITeyaneals

2. 714 Panel data analysis 1579 062061999AMN3 umawmﬂmsaumammmmmmuﬁm aalsilu
Voyau @Iy multi-item variable 1N9aIuTluiowya single-item variable 1N9a3uTlu time invariant
i’iammcnmuﬂuwm HAZAUBIAMS mmﬁsmamama"!ﬁ ]

n‘smﬁmﬂammﬂmuﬂamwm'a/mammmﬂuﬁmﬂﬂmﬂmn 910138N31 wave NINHND
longitudinal analysis '

3.l MLmed Ao 1-1-1, 1-2-1, 2-2-1 mﬁj'uéhashamﬁnn HARZDINMTFUA NN IUIUNTS A2
s ﬁﬂuﬁﬁjﬁﬂ multi-item variable & ’Juﬁﬁagﬂu%’@ya single-item variable 119313/ time invariant
Yoyao 103N IszAl Nue tayszavesams vimsdeyaotisls
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A8819UDYANAZNMI LI 1 3Va3al1 multi-level method (MLM)

Level 1 (3ZAUNHNIN)
1) Multi-item variables
Job Satisfaction (SAT1, SAT2, SAT3, SAT4)
Organizational Commitment (OC1, OC2, OC3, OC4, OC5)
Work Engagement (WE1, WE2, WE3)
2) Single-item time-invariant (3 zﬁuwﬁfmm)
Age, Gender, Education, Tenure, Income
Level 2 (Organization-level)
1) Single-item time-invariant (3 zé’fumﬁmi)
Company Size, Industry Type, Company Age, Market Share, Region
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M98 DY ANATNILI 113U al1 multi-level method (MLM)

Level 1 multi-item variable
Step 1 ERK Composite Scores
Step 2 9519 Aggregate Score
Step 3 uﬂaaﬁi’fayaﬁw Group-Mean Centering
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w

v 111398 SEM/Path-model/MRA Mfn1i30 13f13190

3. Panel Analysis
1. MITUAUY panel data analysis M1 Mundlak model A8 smart PLS4 1#a3 Ng‘l] construct

1NNV IaNMsIuA U Taganm mean-centwered variable, mean variable {2 Non-
transform variable 11121911 construct ud¥unnd aaudd Taduldlidmsuinnevigamn
IN3091PABANATIAZANNNE

2. 11189910 Multilevel modeling Y1 Panel data analysis Hnssa319¥eyamilount M3z
Multilevel modeling 3981115911 1491 Mundlak model Tfl#lumsimsizvidoyala
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Yeyri11in 398 SEM/Path-model/MRA 11fa%30 lif13190
o351 Multilevel Analysis vs Panel Data Analysis

Q

U

1. Multilevel modeling ita% Panel data analysis N9 t?ﬁl’mgai LAUUANA (numeric #i50 Likert scale/semantic differential

Q

d'a a A Y Jy = v K Aa i 9y Y 4"! A A (Y o Y
scale Tlﬂﬂﬂnﬂﬂﬁa1ﬂ1j) Niﬂix‘iﬁi]Qllwﬁsllﬂﬂgmﬂﬂ?ﬂ‘ln!%Qﬁ'lﬁ»l'Iiﬂ?!ﬂi]%ﬂ%@ﬁgﬁﬂ?ﬂ!ﬂi@ﬁﬂl@!ﬂﬂ'Jﬂ‘ln! umuﬂ‘f’ﬂ‘u Mundlak

model

%4

a d
2.l Multilevel modeling 1) MWana@oy clustering 14 sig 11w doyaszauunnadingizanuy SEM/MRAldiae

o

A o

4 . A v o v Yada ¢ . . 1 a v d 4
2) 91WA clustering test uuammvﬂi’ﬂmmnmwwmm Multilevel modeling mammmaﬂszﬂuqﬂﬂﬂumﬂ M3
a c’ 1Y Ao 1" v L Y Vad . .
AUATITH 3) !!ﬂﬂ]ﬁJ%1H’JMﬂQN‘L&®ﬂ‘1NﬂQ 30 ‘P‘iﬁf!‘lﬂfﬁ Multilevel modeling
ya dy v Y Y1 A Yy J a N YY o BRI
3.Gl‘l"i?lﬂi13?19]38]61]935!%133ﬂﬂqﬂﬂﬂiﬂﬂal‘lfﬂwimﬂﬁ%(ﬂﬂuﬂﬂacl‘l!i’)\‘iﬂﬂ'li?J'n!ﬂﬁW‘ﬁnlﬂﬂ'l‘%H«!?uﬂ@ﬁﬂﬁ»lﬂ1ﬂ31 50
Y v . CNYY v Y . v . 4
4. @131591% Mundrak model NV Multilevel analysis 14919an151 7% mean centered variable /U aggregate variable 1a

a d Y Y :’J o v d !
5. PM33IA3124 Multilevel modeling laglFmwizdeyaszivyanamiiyazinlfinadninaiamasms iz doyavas

U

r
xR A v Y] Aad

d v a v Aa
analuasnmafenyliiludaszaeny aungniianiinIdeIn 1z Multilevel modeling Msdoyaynnamsizlizanas

L
3
HINNND
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Multilevel Analysis vs Panel Data Analysis

d' [V 1 d' Y v A
111930 Construct 1a 9 M51172101153AA Observed Score
Observed Score = True Score + Random Error
1191 True Score HAIUKUINNINIB IAuazIaNYoyatUANNAMIAIATGDY AT
Observed Score = Tsubstantive + Tmethod + Erandom @
Variance (Observed) =Variance (Substantive) + Variance (Method) + Varlance (Random Error)
anufudsRiananiion (Substantive/trait Variance) mﬂmﬂm’auﬂmmmmmamﬁmaamsm’mm
huthyangvean15I98 A8 Y ¥1ndLIA Customer Satisfaction (CS) anuiuulsfianain
A w [V . a

Substantive Variance Ao ANMuaAnaINUluszAuANININBla UMD 93zHIIgNA ARz AY A aZAUN

/= a\ L7 < A F% a\ Y & | v & v Y
anuiawelaass q og duvuuauleanezldnzmuenamulyl aullunnassadatezldnzuuuiion
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Multilevel Analysis vs Panel Data Analysis

Y :; a Y a a d
Substantive Variance oA NNAHUUINDANNANNUANAINUNDTITSHINIHUNATIZHISHNN

Between-unit variance
lu MRA WU
ANNAUNIIIN (SST) = anuAumlsesunalania X (SSR) + anuduuilsesinglula (SSE)

Substantive Variance = SSR + (1190314v049 SSE 1511353 1um Ivis)
134 Multilevel modeling N38 Cross-sectional [H318199 Multilevel model NNIATIA319FDOUNUTIAE
v Tana s Y 3.’1 = = A A . d'daca
320U (nested) uﬂ"’!uumnm (!ﬂﬂﬂl@ﬁgﬁﬂﬁﬂ!ﬂﬂ?) onNNIBUADd Multilevel model NUNALIAT (repeated
measures) Observations (Level 1) nested within Persons (Level 2)] WU
Total variance = Between-group (substantive) + Within-group (individual)
Tu Longitudinal analysis WU
Total variance = Between-person (substantive) + Within-person (temporal)

14 Panel data analysis WU

Total variance = Between cross sectional variance + Within time series variance

= substantive variance + temporal variance
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U "\ d °
f20819M53n312% Panel Data Analysis a2s Mundlak model

Y = firm performance (“l%’ﬁuau)

x1 = ROA (deviation) 19 ROA-ROA 12W1Z03AM /134N

x2 = Cash Flow (deviation) ﬁﬂ Cash Flow-Cash Flow mwwmﬁmﬁ/aﬁﬁ"n
X1 = ROA (mean) ﬁ@ﬂ'mﬁﬂmm‘ ROA 1991229AM /U3 TN

X, = Cash Flow (mean) A2A 1R a8U89 Cash flow 1DW1Z0IAM/UTHMN

Time invariant variables ﬁ’é)
W1 = firm size (number of employees) (Gl% @hw“m)
W2 = year founded (Gl% ?h!au)
Y= f(Xl, XZ, )_(1, )_(z,Wl, WZ) +e
o ¢ A QYo ~ ¢ = T SY, o d
HNELYA ﬂTﬂ!ﬂ‘W1$®Qﬂﬂ1‘iﬂ@1‘i’iﬂ1u3mﬂﬁgﬂﬂﬂﬂ1i "lu'“lammamﬂmmﬂaauu
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A10e19M 3351231 Panel Data Analysis @28 Mundlak model 311428 SPSS Mixed

Regression Results - Mundlak Decomposition Model

Variable Coefficient 5td. Error t-statistic P=|t]

WITHIN-FIRM EFFECTS (Short-run/Temporal)

FOA (deviation) 0.850 0.120 7.08 0.000
Cash Flow (deviation) 0.025 0.008 3.13 0.002

EETWEEN-FIEM EFFECTS (Long-run/Structural)

ROA (mean) 1.450 0.180 8.06 0.000
Cash Flow (mean) 0.055 0.012 458  0.000

FIRM CHARACTERISTICS [Time-Invariant)

Firm 5ize (employees]  0.008 0.002 .00 0.000

Year Founded -0.120 0.035 -343 0001
Constant 245600 70.250 3.50 0.001
Model Statistics

Observations 5,000

Number of firms 500

Time periods 10

B-squared 0.783

Adjusted R-squared 0.782

F-statistic 304.52 [p < 0.001)

Notes: *+* p=0,001, ** p=0.01, * p<0.03
Standard errors clustered at firm level (500 clusters)
All continuous variables are mean centered within firms for within effects
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A10e1aM 333123t Panel Data Analysis #28 Mundlak model 511428 SPSS Mixed

| Mundlak Model 14 SPSS (MIXED Procedure |

1. 319605 "aunfengu” (Group Mean) va3auils X Nuilsdumual AeA1d9 AGGREGATE
14 SPSS (151 210 X 1114 X _mean)
2. %: U Analyze > Mixed Models > Linear...
3. aanluna:

D 1a Y dlududsma |

2) @3U Fixed Effects 1 X (fni)sau@n) naz X_mean (fauilsnunaangu)

3) @34 Random Effects la ID (svia uﬂﬂa/mju) 1l Subject variable uagtaon Intercept
4. AANN: 91 X_mean Hiladr1Agymeadarise i M naaaninang maiivayy Mundlak Effect
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<Y A ¢ o
fI9819M31n31zH Panel Data Analysis a2s Mundlak model

Within flrm effect

1. !N@Uﬁ‘ﬂ‘ﬂﬂﬁ‘uﬂﬁﬂ ROA“lﬁmn’nmmaﬂmmmm 1 nJmmmm Namﬁmmmmmmmu 0.850
N B Iy A (msﬂsuﬂsaﬂﬁuaﬂﬁmwmﬁmmmmﬂlmwﬂuaumama uendumaig 15512 ¥
my‘n"lmmJnmnmsuﬂuﬂnﬂﬁuﬂim"l%”’lﬂ N’szq,naumsﬂmnaummuﬂmﬂu)

2 !N@ﬂ‘i‘]&l?’lu Cash Flow E‘IN%JGU‘H 1 amnmmuaﬂ’nmmammﬂ:m-N wanwmmmm‘lmvﬂvau%v
!‘INNGU‘H 0.025 IYBYy aﬂumﬁmmummn
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W || "\ q °
f19819MIAAI 1T Panel Data Analysis @ Mundlak model

Between flrm effect
1. USHNAT ROA !ﬂﬁﬂﬁﬂﬂ’ﬂﬁ)ﬂ‘ﬂﬁ‘ﬂ‘n 1 1ulosidud azlimamsduiuaiugandi 1.450 viviae (Ml
USHNNN ROA aaamammmamaummm"!mﬂ%sjmmimaaﬂa‘mmma "lu“lmmiﬂmﬂmmn e
gﬂuwamnmmmmmwumuﬂmmmum B 1NNV aamqﬂmmn)
Between (1.450) > Within (0.850) ﬁmﬂﬂ’nmmmﬂumﬁﬂﬁﬁ ROA g4 (1.450) HHa1NNNIN3
15u1l39 ROA FIn313 (0.850) B3 71% |
2. U3ENTIN Cash Flow 1dagandt 1 Miuasamiazlinamsdutiuaugandl 0.055 vie U3 En
anseaenszuaRuan loensainanedoniinnuudansamamsitusazaNuEavg s Inagnsg
n1 msiRuaaluiie lilyuaduavlusumsitu unfeensdivsumsdulemanazsulienuingn)
Between (0.055) > Within (0.025) wanennhms i inieatvaalda (0.055) HHaANINNI
AIZHTRUAATNIAYASUALT (0.025) 99 120%
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U a\ ¢ °
f10819M53tA312% Panel Data Analysis a2s Mundlak model

9’ d v/ ° 3 0
In53a51999AM3 (A3 time invariant)

A v AA

Y IS o a Y || = o v | v
1. my‘vmuwummmnﬂm 19U VSHAANTIAUHHINUGINI 0.008 viue (Glll!”lﬂuﬂﬁnlﬁ"lﬂﬂlu !!ﬂ'"hﬂ‘lf

= | o v a
Nlngnnazanivane i gadmAgRemsmvinafiminzand v uaaaHns sNIazlNAagFINIVaINY
a v d v
U3 ENA310152 1511910 UUIA (economies of scale) 1ag 1ABINUNTUNTL diseconomies of scale

bl ﬂwuwamﬁmmmmmn’n 0.120 VBT (@1ﬂllﬁl°’ﬂﬁ°’ﬁ‘uﬂ]ﬁﬂ!!ﬂﬂﬁﬂ‘ﬂi‘ﬂﬂ
‘nma"lummmummﬂ ‘]Jﬁ‘]slﬂﬁﬁﬂﬁ@ﬂﬂ1u1u7\lﬁ%u!!a?31ﬁ1N15€11J§‘]Jﬂ’JNTH’Jﬂ€|ﬂWN °’|11ﬂ uaw"lﬂawau

ﬂTI%Ji am@mﬂ ia “lfﬂ!ﬁﬂﬁ‘l’lﬂ!!sﬂﬁﬂlﬁuﬂ@\ﬂ‘“!3@11!11! !!ﬂfi)ﬁé!‘WﬂQ@ﬂN!ﬂﬂﬂl’!NWﬂ ﬂmumﬁwwmama
mmmmﬂ)

2. ‘U‘:TH‘VI‘VIN@WJN1ﬂﬂ’J1 1
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U A YV

v 111398 SEM/Path-model/MRA Mfn1i30 13f13190
4. Longitudinal mediation analysis

1uﬂ3mmﬁmﬂmmuﬂamﬂu (cohort) lilviaraviviaal 1wy “lﬁﬂammuaa‘ummfﬂmuﬂavma
594 3 1J (158031 wave) ’Jﬁ’J!ﬂﬁ”l“"P‘i!ﬂi]”GlT‘iﬂ’J!!‘IJi X lunnldi 1 dusnlssass dauals M°lm:n/1°n 2 17lu
muﬂ‘munma s Y Tl 3 Slugamlsma mse yamlsluananimsizasamsriunanszny
mmnmmmnmﬂaﬂuuﬂm

maﬂNm"lﬂmﬂumgmumﬂumuﬂﬁawlac‘nmuuua@umww‘nn°lmwmmmau‘lmaawn/mﬂu 1
il «mmuwmauaammd’ltﬂuummmammm&m ’swnmamuﬂaaﬂﬂ‘wauamwunmﬂm\mm
(msmuummu‘lwamnﬂw 3) ¥ In 12T

Tagi o) Fsamlsin w i slunui 1 aanlsnivandinazlydmlsan v Tt 1
mmv"lﬂﬂﬂuwanﬁwﬂummsgﬂaﬂuuﬂmmmmuﬂsmumnummﬂmn (baseline)

muﬂﬁmuﬂuﬂ’oﬂwﬂﬁmﬂumﬂmﬂaumsmmmsﬁﬂ’oﬂﬁwammuuaaﬂmﬂmuﬂmuﬂﬂm“lu
AL
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TPREAR longitudinal moderated mediation model

business. environmen
uncertainty:
BEU1

organization
commitment:
0OCc2

employee job
satisfaction:
JS3

transformaton
leadership: TL1

97.A7.4UFT WIULNA NMAITNEDH NINANENAEITH AN

BEU1 e BEU Junlii 1

TL1 Ao TL Juvldi 1

0C2 Ao 0C lurlii 2

Js3 Ao Js Nl 3
AausnIugune 918U NN
(Employee Age), MIANH (years
in school) Tl 1 uaz Js1
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M30819 longitudinal moderated mediation model

self control:
SC1

NED1 o NED lurnlii 1
SC1 Ao SC luni 1

» 4
INEH2 A9 INEH lutnin 2

intention to eat
healthy:

INEH2

HEB3 fi9 HEB luwh 3

[V} = |

dulsnIunune 1NA (Genderl),

s1ella (Income Levell), HEB1

nutrition education:
NED1

healthy eating
behavior:
HEB2
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Common Method Bias (CMB)

v
as

Common Method Bias (CMB) Avaafinaanmsnnuiuuils (variance) Tugulsiald Tl
1NNIBMITIAAEINU ﬂflﬁﬂ’Jmauwuﬁﬂimgmmuma

maﬂ@mmg@maﬂa‘nmﬂwmamuﬂs@ammmmﬂmmﬂmﬂmmmmmmnu (1Y HUV ALY
yaune Jilszsivnaeani luaufen) mamenm“lﬁﬂ’Jmauwuﬁﬁmammuﬂﬁmgnuma‘lﬂ

msmnwmnmawuﬂmm cMB hillaranaanunauideasaring mﬁwmmumaumauf’ﬂmmﬂ
aﬁﬂ"!mﬂﬂmmamﬂ‘vmﬂ‘mma%maﬂmmmmaﬂa masanudari CMB ldsnenumunss

CMB 1i)u Ex ante ﬂamﬂmumzmmuaammumm’m 1At 15993§a010M13815199391AT IOV 3 1)
Sludanind1vlald arsaaaenlaginia q vanel sl NozHaAIHansasIvaoUNE udu Tyl
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ﬁ]!‘ﬁﬁ‘lm@\‘] CMB
v o v W y a o A A qV a & v A YA
1. sll't")}'laﬁ1ﬁﬁﬂﬂ?!!ﬂﬁﬂ]‘%1ﬂ§ﬂ@ﬂ!!ﬂﬂﬁ@ﬂﬂ]Nﬂﬂ!ﬂﬂ’JﬂcI«! ﬂﬁ@!!ﬂﬂﬂﬁgluuicﬂﬂu 9 !ﬂﬂ?!ﬂuﬁﬂﬁg NHQ@H (common

rater)
a a\ Y o Y o d' a o =) Y = Y] aAAa A 1
2. WA AU UNUDIVRAIONN (Context effects) YamanuagannunsoaglunguaeInua1aldnENanan1sno
3. M3lFanNasIanna ey (Scale properties) 14 Likert scale 5 3200 a3 unnamils
4. M350AAIUNI5ADL (Response Biases)
1) gaounenenunauludandnueau3y (Social Desirability Bias)
2) AnounenenunoulvideandosunuTedIUA (Consistency Bias/Implicit Theories) ¥isonaulfigmioun
Y v o dou
A5 NANNATHNUTAY
% % % < [=) = Y . . = ; < a A
3) gaeviinazlvinzuuugailuiiaunseasens i (Leniency Bias) v uiluiianvisonanzuuu
(rigorousness)
v ~ Yy A & Y A V& Y v Y Y T A A . .
4) Aeeuiimnlunaziuaavse himiumeanudenumeg linezienoz 15Ae yea/may saying (Acquiescence
Bias)
Jl
5) 215Nl UVMZTAD NI UADUAIN (Mood State)
6) TomaunguIn3e AnouANNN INMNBUNY (Item Ambiguity)
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a1vinves CMB

5. In5983 190UV 0 U (Questionnaire Structure/Design)

1) ANUENIVDIVUADUONY (Questionnaire Length) tvvasumunienaunuliinlfidnoumieadn
d' ) || L
werivhe vazaau lilaalalals

o o o \ oV} o 311 A

2) MAVUBIVOMDNN (Order Effect) MAUNUANAIINUUYDINANVIMONNTIHNA Hi3ouIuan 181

nandanlsmsdia nenunsedswasemsnoula
Y o . . e . Y o A g.ll o d'dq’ o Y U A Y
3) M31¥A 1WA (Linguistic Cues/Framing) M3 15 19A139N15AIM0INNTIN aoanavIny Wisly

o w d

IS4 U Y Y Y
ﬂ1ﬂ‘W‘Vmﬂa1ﬂﬂu§$ﬁ31ﬂﬂ3!!ﬂﬁﬂ1\‘l 9
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a1vinved CMB

6. anmnnaaenlumMINuYDYa (Administration Conditions) |

1) nilud@IudI (Confidentiality/Anonymity Concerns) ¥ingaou laiifulalunnauily
TIUAI019MITIDANINDUIT Social Desirability H30ADUNVUILIATE I UNNITTNINAINVY
ADLANTNAITNDI )

2) é@ggan”lﬁsﬁnﬁi’fay,a (Administrator/Interviewer Effects) ANHAUZIMINIG M3HI YoM TN
Ufdniusvesgauamsiiudoeya (5u faumua orwiidnsnanemsaovvesgnenla
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a1vinved CMB

7. é’ﬂymzﬁamﬂd Nﬁﬂﬂl@ﬁﬁjﬂ@ﬂ (Respondent Characteristics/Cognitive Factors )
Y q Y o .. . . y A v A

1) ANNMINIalUMSU0UBR191M (Cognitive Ability/Literacy) gnauniinnaanlalunimnmise
Hamva U Uaa U NNUANMIINHe 1A NNTam N N UN Y

2) ANNABIMS UM T NTUBAUIBDI (Self-Presentation Needs) wmaumﬂmmﬂuumwmmua
mwsnyavssnmesuda HieneenInEsamnInuaiRla

3) Maisziliunea (Self-Report Nature) 1Agis3 sum1auamsinuvayanuuilsziiiuauas (Self-
report) 3NATNANNITEIAD CMB
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35M523989U CBM

1. Harman’s Single Factor Test (Harman s One-Factor Test)

Ismsnsivaeu CMB ‘i’lx‘]”lﬂ!!ﬁ”‘i?ﬂ!‘i?ﬂﬂﬂ Nﬂcl"lf!‘ll‘l«! ﬂ"l’iﬂ‘i’J‘i]ﬂi’)‘lJ!‘lJ@\‘iﬂu mmu "lu“l‘nmmf’ﬂmﬂmm

SEmsfesmtemmaiaviug (0 Items) ‘n“l‘ff“lumﬁ:)ﬂnnmuﬂﬁmmﬂnummﬁfssﬂﬂm/i Exploratory
Factor Analysis (EFA) Tagliiviguuny (Unrotated) 21nmaaws 1#iio1san1dl dadeniien (Single Factor) i
M3993118ANNMU5U5IU (Total Variance Explained--TVE) 1A310n1 50% #39 I visedifaderians
ae 1 | 29811150 (First Factor) aﬁmﬂmmwmaﬂﬁ"!mﬂumu]ﬂm (15 104 50%) uawum"lmnumnm

Ieivde 3:1ﬂrsaﬂmaﬂfmawmmaﬂmum udliivhione uJmﬁﬂ"lmaﬂwmammvwmﬂuumz
aziag CMB Jad1e (under-detect) uav"lu"'lﬂﬂﬁwmuwansmmm CMB mmma ﬁmuuumﬂmsm’anﬁu
Naineadinga (Less Sensitive) taza1aven lauaing 131 CMB "lmmmmwum“lﬁwmenﬂwﬂmsm Wt
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2. Common Latent Factor
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d a
3. Partial out General Factor (Tehseen, Ramayah and Tejiran, 2017) !ﬂﬂﬂ1§ﬂﬁ$§ﬂﬂ1“§ll%?ﬂﬂﬂl@&
General Factor 150 Common Latent Factor 1u3iuuuiidiedu 35msae
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3) 11 R2 ‘lmwmﬂmﬂuaﬂa’n"lmﬂmm CMB

Qddwd Y A
SEnitennerdedilode nAauaztuneuneutnansdlUnsan udliusiugh sz F-Score 114
210 EFA 019 13156 unuueatfadeedads (method factor)

TA.AT.NUFE NIULNA MATTNED A NMNINENAETW AU 115



5M539a91U CBM 1111 Unmeasured Latent Method Factor (ULMF)
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) Tera LV T ad 5 Yauu reflective
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