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Data analysis process

Data cleaning (missing data

replacement, unengaged

Data analysis MRA, Output assessment

respondent, extreme values),
PA, SEM (sign, size, sig.)

Validity and Reliability

assessment




MRA-PA-SEM

Y v JdAa 9 1 v a . .
MRA ﬁ@ﬁl]ﬂ’ﬁﬂj’]llﬁnwuﬁﬂ)'\nﬁug}33331’?’31@@’Juﬂ56ﬁ5$ (mdependent variables,

antecedent, predictors) nuAlIaIY (dependent variable, outcome variable, target variable)
Y = bo“blxl b2X2 kak u

Tﬂﬂll"ll@@]ﬂﬂx‘l‘lfiﬁﬁlﬂﬁ ©N15 1FU 9soasey G]ﬂflhlllﬁ'll“l/\lu‘ﬁﬂu ﬁﬁulﬁaﬂllﬁ]ﬂlﬁ]ﬂﬂﬂﬁ 1731
Nuuﬂmmmuma@mm ﬁ?ﬂlﬁﬁ@@@ﬂi%ﬁhﬁuﬁﬂu ’dﬁulfﬁﬁ’ﬂ@]@Qqﬂﬁﬂﬁuﬁﬂﬂﬁ’lllﬂﬁ
d5Y V]QH@]JLL‘]J?G]NG] Eﬂllﬁﬂilﬂﬂﬂulﬁﬂﬁ‘mmﬂ@]"lﬁﬂuhlﬂ Iﬂﬂﬂﬂ@]ﬁ] L‘]Juﬂ%ﬂﬂ'l (single
value Varlable) EATERGE ﬂ?mm% wuﬁu W‘L!‘I/ILWL,‘]JaﬂGUTJ E]G]ﬁME)ﬂL‘]JEJ bmary number

2P aﬂmaﬂuﬂm (data conversmn) 11910 multlple value variable 15U mmaﬂm ® Z-score
'°ﬂTﬂGI'JG])”JW’UENﬂ’JHJﬂﬂWUfNﬁﬂﬂW 'Jﬁlu‘ﬁﬁﬁllﬂﬁﬂﬂﬁ ﬂﬂ!ﬂTW‘]Jﬁﬂﬁ

mM3lszuaumanny 19t Least Square (LS)
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MNAIVVITNNTOADOY (MRA model)

X1

X2

Xk

Tuaauny MRA idoanasnaulsoaszazarasasegandsa TudgeuTosnu
Y = b0+b1X1 + bZXZ + ...+ kak + u
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AIMVUMWTHMS (Path Analysis model)

Y, (Y] 9 a g}J
Llﬁﬁﬂllﬂﬁﬂﬁﬁ @]’N o ’E]']EﬂﬂJﬂ’J'l?JﬁiJWl!‘ﬁﬂullﬂﬁWNUﬁTJVIGII?N@‘L! ‘I/Nﬁ‘l/lf]‘]ﬂalmwﬂﬂﬂ'ﬁﬁﬂ‘HT
!,G]N‘]J'i %ﬂymﬂuaumm’dmwu‘ﬁ Eﬂ\‘l@]@ﬂNﬂHﬂﬁHﬂl@@ﬂﬁﬁﬂ?T@?LLﬂﬁﬂﬁﬁ G]’E]ﬂllﬁllﬁl!ﬁﬁu
(!,EJ‘I/I’iﬂG])’ XX 1 full rank) Q3 Aadlud WU (path analysis model)

v Y
MDY NIV ﬂﬂﬂflﬁﬁ\iNﬂﬂﬁgcﬂﬂﬁ'ﬂNﬂﬂ'ﬁﬂQ]U@Q'luell@\iwuﬂ\cl'luﬂﬁ'lﬂaﬂ\clﬁ

A1l = Job Satisfaction, A2 = Job Performance, A3 = Organization Commitment, A4 =
OCB, B1 = Stress
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MRA model ¥23#8am3UUANUU9ININIIU (employee job performance)

Job

Satisfactn: Al

Org Job
Commitmt: Performnec: [€¢— u
A3 A2
Org Cit Bhv
(OCB): A4
Stress: Bl
JS*Stress:
A1*B1

=N ana

5/ A5 VUAT NIIZNA NAIFIADA UH1ING1DIT AN 6

Q



PA model Ya3amsilHuanuveaninau

Job

Satisfactn: Al

‘V

b8

Org Job

Commitmt: Performne:
A3 A2
v |
Org Cit Bhv
(OCB): A4
Biress: B2 JS#Stress:
A1%B1

9 [
A A AaA

(% (% A % A 1 9 1 9 = A A 1 9 19 d' Y
HNELHn Gl’JLL‘]Ji@]"I?J‘iQﬂG]'J (ﬂﬂﬁﬁllﬂiﬂi\lgﬂﬁiw\‘lﬁﬂﬁlﬁ) VCANNUTIUINADAD u V!QLGU"I%W]’JEJ@”IN MRA Glumumamuq%az”h

=S

57, Q5. VUAT NITeZNA NAITITDA UH1INGIAYTIUAIN

qQ



PA statistical model ¥a3Wam3lfianuveIntinau

Org b7 Org Cit Bhv

Commitmt: A3

(OCB): A4

b3

Job Job
Satisfactn: Al Performne:
A2

Stress: B1

JS*Stress:

Al1*B1

v A (%

oA 1 a A Jd 1 | 3
daizesdls IndiveIigdre namnseuuuianuaadn (aladnew) aglaswilu moderated

mediation model

an
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PA conceptual model ¥23Han U NUANUUBININIY

Org Stress: Bl

— OCB: A4

Committmt: A3

Job Satisfaction: Job Performnec:

Al A2

=S
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SEM statistical model Ya38am3UgiianuvaIninaIu

Job

Satisfactn(JS):A1

9 Y]

<3 A = % 1 v Aad o Aa . .
SEM uag PA 11150308701 A190UNITIANITU0Nave9auU5¥Ha multiple-valued variable (MVV) g

U

PA lanu single-valued variable (SVV) 138 conversed MVV a1 SEM 19 180 U3 MVV 1ag SVV

)2
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auMIIATIT3 19210 SEM uaz PA

Org commitmt(A3) = by + by Job Satisfactn(A1) + u

by + b; Org Commitmt(A3)+
bg Job Satisfactn(A1) + u

Org Cit Bhv(A4)

Job Performnc (A2) = b, + b, Job Satisfactn(A1) +
b,O0rg Commitmt(A3)+
b;0rg Cit Bhv(A4)+
b,Stress(B1) +
bc JS * Stress(Al « B1) +u
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Structural Equation Modeling

Y a (A 3 1 o ]
a5 TunInnseuLUIANMUAANYAN YU UUINETTY Fanaualsird (latent variable,

Y
v A v

1 (Y 1 9J) 9 (Y] 1
construct) lue1979a1 19 Iagnse Ao9IaR IR IR (indicator, observable Var1able manifest
variable, dummy) ’diJﬂ'Jﬁll@ﬂﬂ@ﬁ‘ﬁll‘i/]‘i/]ﬂ‘l’i@’)!,!,ﬂﬁuphﬂﬂﬂ I ﬂﬂﬁﬁNﬂ'ﬁﬂﬂ@]’JﬂﬂﬂIﬂﬂ
’JHL’JEJ‘L!ﬁ’iNﬂTLLﬂ ‘]Jﬁ NTﬂ!ﬂTﬁiJ‘]Ji ﬁ‘i/]‘ﬁ!,ﬁu‘i/]N!,!,ﬁ ﬂ'lﬁ‘lfi’dllwu‘ﬁ’i ‘I’i’)N@]’JL!f]Jﬁ!,LI?JQﬂ‘]J
(¢34 d QU

NIVIN (loadlngs) C]ﬂc] (iteration) fﬂ‘L!ﬂTLN (converge) FUNAMUVANYUL ‘L!’JW]?LHJ‘]JmJﬂTi
Tn33835149 (Structural Equation Modeling, SEM)

9 . v
SEM Haums 2 Uszianfe szuuaums laseasng (structural model, inner model) NUISUU

AUN15I9 (measurement model, outer model)
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N1599NUUUNITOULHIANNANNITIVY

1 Causality/causation Jag1anuduiusmudumaduluudunlng droenuuuiily
second order model ¥3© third order model AW 11T 330RBIM561 content validity 2114
3un v sub-construct ndanslioduaviluluaumqug dreenuuwilu reverse causality
Ains121n358R04M361 content validity T1iTaseg1a mmﬂu"lﬁ’ﬁy’qﬂﬁ]fﬁ’ﬂmmauazﬂﬁ]ﬁ’ﬂ

v J
WAQAND
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2 Mediation analysis 39fn 11910 wsaunanuudsan lUudrveiantlslathe (WHO)
wwuuﬂﬁﬂmm”lﬂﬂ’wua’aﬂi wuma”lﬂmmuﬂswaam

3 Moderation analysis Mﬁﬂm’nmamuﬂimm 3 Ramslaounlasanliiu a ale
(WHEN) v098 2115671 3 3902 3JNaiwamwawNmmamuﬂﬁmmmmwammuﬂﬁ
N Idoiuinzan FenaNTNaN19ATIH conditional direct effect

4. Moderated mediation analys1s Mﬁﬂm’nmamuﬂﬁmm 3 wlaeunlasanliiu a il
(WHEN) Gummuﬂﬁm‘n 3 9992 aJNaiwamwawN@auﬂﬁum"lﬂamamm,ﬁu [FNONTNA
‘1/]10@@3&!’31 conditional indirect effect
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Mediation analysis

9y
1 0y} J v

Mediation analysis Y9ANHIMBNTNAVOIAMUTAUANNRDA LT HAGWE UL

v 1 v Lﬂ' 1T A 1 "\ v 1 A = 1
ﬁﬂllﬂiiﬂ%ﬂuﬁﬂl%ﬂuiﬂﬂ@g‘Vi’i@Lﬂ’dHWiwNﬂﬁﬂlﬂﬁ?W@%WﬁMﬂW’g\TMWﬂ

(superfluous) ADFINI 0.20 11/317 (chin, 1988)

Chin, W. W. (1998), The partial least squares approach to structural equation modeling. In G. A. Marcoulides (Ed.), Modern

methods for business research (pp. 295-358).
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Mediation analysis

v v Y o w o Y Y] Jd A
G]’JLL‘]JSﬂ‘L!ﬂﬂNLL’d%@]’J!,!,‘]J’iﬂ"lﬂ‘]Jﬁ”lﬂJ"I’iﬂﬂ"lWl!ﬂllﬂ%"lﬂﬁ]”lﬂNﬂﬂﬁﬁiJﬂ”l‘]slmlfb’ﬂﬁﬂ 1N
ITTUNTIN IFUNYEYUIT MUY 1A 1NMINAaeINnIziINUA AN 9
nae <) M7 (exploratory analysis) NUANFIATTN HIBNUTUNNANHY

M1

al b1
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Mediation analysis

Y
1 Y

Y 1 1 A A . . . . . Y o Y, S
AIDYIUBU ONDTNAUDN destination 1image Cﬁﬁ@@ﬂ’ﬂﬂﬁﬂiﬁ]ﬂ\lﬂllﬁﬂgcﬂﬁl autlsaunalsenanlu

Tourist satisfaction

Perceived value

Destination attachment

Memorable tourism experiences

Trust

Destination brand equity (brand awareness,
Perceived quality, and brand loyalty)
Perceived safety

Word-of-mouth

=S
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AMVUNSAUNANY

Experience

Economy: ECON

Perceived Values:

b1l
PV

b2 ©

Destination Image: Revisit Intention:
-

IMNMG c’ INT

=S
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a ia A Q'J
NITUIUMIAUAIICHOINDIWADIIAUNA I

Aa a A = 1
1. IATICHDINDTNANINAIN Iﬂﬂllﬁﬂ‘ﬂlﬂﬂﬂﬁgcﬁ’ﬂﬁ
Total Effect (TE) N1 Direct Effect (DE)
9 1 9 A I o o w -y
1)d1c' NﬂTH@ﬂiJ’lﬂWﬁ@ll?ﬂJufJﬁ'lﬂﬂJ (49UTU H: ¢c'=0)
Y] v N Yo a A -y A
LLﬁﬂQ’N@’JLLﬂﬁNaﬂW‘ﬁhlﬂﬁﬂﬂﬂﬁWﬂ%'lﬂﬂ’Jllﬂiﬂcﬂﬂu

15U 130 s A UHARDITINANTENUAIUNIN AT

J

v = 1 2R o %
Llﬂﬁﬂuﬂﬁ%‘ifﬂﬁﬂﬁ)EJﬂiSi‘V]iJﬂJWﬂW]’JLL‘]J’iNﬂﬂW“ﬁ

9 = | LY A v o w (Y]
2) D1 ¢ UN1anay LAYIANUUITINTY (8U5U H: ' * 0)

=)

Y] a 1 Y] v
Llﬁﬂﬂjqﬂallﬂﬁﬁuﬁﬂﬂ\l ﬂﬁWﬂ@]@@]’JllﬂﬁNﬂﬂWﬁiu

FLAUNUY LaZ019830aLUT UL UTIDNTNAN A

J

wilswaanioy

=S

al

M1

M1

b1

b2
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a ia A ojz
DITUIHUNIAUAIICHOINDINADIIAUNA N

2. NAFBUINTNANIB 0N

! . . Yy A v o w 1 ~

H: a,b,+a,b,#0 {38071 total indirect effect MUNBFAIAYLUAAINTUNINI IV M1 1Az M2
1 Aa A v v o v J
ﬂ@ﬂﬂ18‘1/]@ﬂ@ﬂ‘ﬁWﬁﬂl@Q@]’JLlﬂﬁﬁ%ﬁﬁ]NTﬂﬂﬁﬂllﬂﬁﬂﬂﬂv\l‘ﬁ

Y] o

9 o 1 1 Aa A (Y] v o (Y]
H: alb1 70 ﬂTfl‘L!t’Jfﬂ ULTAANIT M1 ﬂWﬂ%@ﬂ@ﬂﬁWﬂﬂl@\‘l@]’J!,L‘]Jﬁﬁ'%‘l/iﬂiﬂﬂ\‘m’mﬂﬁNﬁa‘l/\l‘ﬁ

AN o J

9 o w 1 1 Aa A 1Y v o (Y]
H: 212b2 0 ﬂﬁJut’JﬁWﬂﬂluL!,ﬁﬂ\‘l’ﬂ M2 ﬂW‘(’J‘V]@ﬂ’EWIﬁ‘I/\Ia"U@\‘I@Qllﬂiﬁ'WLﬁﬂMWfJ\i@’JLLﬂiNa’m/\l‘ﬁ
a a J Y Y .. ~
NINATOUANYATIUUVDINAAUWITINNDIAD a,b, 1AL ab, D11 test statistics VUGN

Qq

9 a

1 YA .
817 81LNNI5 15911 Hew 19535 Bootstrapping
3. fSEUMETaNTNAVDIATAUNAINAINAAY a b, UAY a b, HARUNFINIETAIN

o 1

Gudulsnddwng

=S

5/ A5 VUAT NIIZNA NAIFIADA UH1ING1DIT AN

Q



ﬁaadm Serial mediation model

i
|
|
| Switching Cost: SW Perceived Values: |- 1 Customer Y]
: ] sfacton\ g3 q M Brand Trust: BT Switehine Cost: SW
: Perceived Values" PV Brand Trust: BT rv L s M
, S /
|
| ; al a2 7 b b2 b3
el
Y
Service Qulaity: SQ Brand Loyaky:BL Service Qualiy: $Q o Brand Loyalty: BL

A v 2 1w ) d LS v 1 A a ) 1 @

ﬂ']'fl'fllﬂ313ﬁﬁjllfﬂ‘]Jﬁl!qaﬂc]%lTﬂ@]’Jllﬂjﬂuﬂa']Qﬁ!ﬁu@quﬂqﬂuﬂ']fﬁ/’l@ﬂ@ﬂ‘ﬁwam@Qﬁjllﬂjﬁ“WQﬂQQ’J
v Jd A 1 A Yy, Y ~ o A Y Aa oA o A 1
LLﬂ’iNaaW‘ﬁﬁi’e‘]lljJ llvnflaﬂclﬂ‘ln\ci‘ﬂﬁTﬂquﬂu']Lﬁu@lW@iG]ﬂum’NﬂQU@] ﬂﬁ‘l/]ﬂﬁﬁ]‘ﬂ%ﬂiz‘vm’iﬂmmi%

\{@1UN14 (path chain)
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a\ d
NIZUIUNMIAUAIIZHY Serial mediation model

)
v A

NN NTTUIUNTAATIZHUAI

Aa da A = 1 Y
1. AATIZHONTNANATY 1aenlTouneusE11119 Total Effect (TE) N1 Direct Effect (DE)

A Aav A
TUYAFIUIYAD H: ¢' # 0

Perceived Value: d21 Customer

2. asnaeuisd Ay dnENan1don 3 Tadunig /LT TN

1) BI®PV—CE—CL auyA§11398a H: a *d, *b, %0 / \

2) BI®PV—CL auYATIUITOND Hia *b, 0 [
3) BI=>CE—>CL ANYATIUIIGAD H: a, *b,#0

= o A 9 Jd A a 1T A A 9 A
3. Llr%EJ?J!fI/I8ULL€1$LLH$°L!TL‘W@ﬂ']’iGlﬂfﬂﬁgiﬂﬂ)’uaﬂ'iflfmﬂﬂ'lﬁ‘]/\l%']iﬂ!']ﬂﬁ)‘lﬂﬁwE’I‘I/I'N@f)llﬂf)
= v 9
a *d, *b,,a, *b, a, *b, AWNHAUIUNINZANAVAUNULAZIIA

=S
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N39U PA 1as SEM

fuwuy SEM uag PA idudaunu@endu duduiideyauas3isamsdeya Tasina
SEM 12 1511 multiple —valued variable #au11)s lunsoudludnalsurls 39l¥5124 130
ynaududadnuel uanamsaldiiy single-valued variable 18 varz 7i PA 1418
single-valued variable 11111 §162111)3151 multiple —valued variable 92 d0/astoya
1913y single-valued variable 17enau 819uauilu F-Score 1150 Z-score Fyanbaidn
wlsaz 1T maen

Aa 9 ~ A A A ! n 9 A YA L~
ﬂTi’Nﬂﬂ”lWﬂ’i@‘ULLM’Jﬂ’JﬁJﬂﬂﬂ’Jﬂgﬂmaﬂﬂﬁfii@gﬂ’N’iﬂ@’s"llluhlﬂ’ﬂﬂwﬂ Gl‘lfiﬂ?)’J”lL‘]J‘Ll

[T99UDIANNAALAZNITTANTVOND
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Moderation analysis

. . 1 X 1 v o J 1 v v o v I 3
Moderation analysis HQLﬁ@ﬁﬂ‘]&lTﬂﬂ’)'ﬁJﬁll‘Wu‘ﬁ’igﬁ’JN@]’Jllﬂﬁﬁﬂﬁﬂﬂ‘Uﬂ’JuﬂﬁNﬂa‘W‘ﬁVlf’ﬂm‘]Ju
I Y v v o A 9 A @ 1 v o A
LLU‘]ﬂﬂﬂllﬂ U ANMUTUNUDIYILTU ﬁﬁ@il‘llllﬂﬁﬂl&ﬂﬂ'l\‘i’ﬂﬂ’)'lllﬁ?JWHﬁ%%L‘]JﬂEJHLL‘]JﬂQT]J@ﬁJ
sEaUMURIAMsMAUKIe I szaum lamunzaunga
o o w 9 <3 .. 1 A A Jd I Y
AILVUNTNINUATN conceptual model veaoatauilu statistical model NOU NOAATIZHLAT 11

e atle. bl uag b2 W nUN WAL conceptual model @3ua atle. b3 11'lA b4 1nIveas

' A A A SNy 1 Y = A Y Y
@']uf}\lﬂlW@LﬁﬁMﬂTﬁ@ﬂﬂﬁqﬂWﬂm@\j conceptual model ﬂllﬂ ll@lluluulW§1$hl3J3Jﬁlll!@]ﬁ']uclﬁ@@\j

A9

neaoul
X*¥W
w %
b2
: \
X b1 Y X b1 Y

Conceptual model sq a5 uuds Wozna Ma3Hana YH1INe8es WAL Statistical model
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ANTNANATI0E1INEDU 1o

Q/

. 3 Yo X
91N statistical mode Li1ﬁ1u1§ﬂlﬁuﬂlﬂuﬁuﬂﬁliﬂﬂﬂ@ﬂhlﬂﬂ(]ﬁ

Y = by + by X + bW + b, X * W + u (1)
swnguimeniifidulseumailued Auiiide x)

Y =by + (b;X + b,X * W) +bs W + u 2)
ANAITIU X 00N lAauMs (3)

Y =by + (b;+b, W)X +b; W 4+ u (3)

ava. (by+b, W) luaums (3) Avdnsinanninsied1alitou lv Aednsnan X i
a0 Y anuidou lua1ued W (38017 conditional direct effect N1 X 1¢1o Y
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Moderation analysis

X < ' X ~ ' Y, ~ 1 an | ) Y
Qou lunAemves W e W uasuai l (Wee 1runa1e 110 58a313F pick-a-point) 130910108
11413010 (5802135 Neyman-Johnson) A1 1)@, by + b,W a211/as1 1) (59091 conditional direct

Y 1
= v 1 ax o Y o 1 =
effect (38N Effect 3MUINAD A5 uv09 bitag by, 9naums (1) wwmnuilu
Effect =b; + b, W
o ~ Y 1o A Y 1o
INUY 1) unuN w areaene W — sd 92 18 Effect A6
~ 9 1 — Y !
2) unuil w Aremiunalene w ez la Effect A1thunans
~ Y, ' A ) '
3) UNUA w Aea1geno W + sd a2 19 Effect AgY

o QU

Y YA~ .
MsasdeUtad 1z 1935 bootstrapping
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Bootrapping

NM3AT9d08Usd 1A 1A87F Bootstrapping ABMTTUAIDE1NYUIA n 1 UANLDD TAAUINAIDE1S

1 % (% 1
BAAUNUDBY (resampling with replacement) Iﬂﬂ@h%iﬂﬂﬁzuim 5,000 DY

Qv

g}J ~ 9 1 Y o v ~
1. ‘Vc]ﬂﬂﬁﬂ‘ﬂhlﬂ 'J’E)Eﬂ\ﬂ‘l’il!'liﬂ’il!ﬁ%ﬂ?ﬁ“ﬂ (1) ey

2. fMUIWNIAT Effect = by + b,W 314U 3 AR w 1161 100 w In11unas uaziie w il
A9 IIUIUDYNAL 5,000 AN

A o w 1 1Y - o 1wy KXy A A A 0 A G
3. 13831 UN Effect mﬂﬂn‘!’é)ﬂll‘ﬂ?ﬂﬂﬁﬂﬂ AANTINNYNNATUAL 2.5% NYVADADBINYOUU
9 9) 1 P~ | 1 W 9 1 1 A 1 1
95 % D1V I 95% nqau o cl,ﬁﬁ’j‘ﬂ’ﬂ Effect UAUNIND 0 m“lmqu 0 e AN Effect YAIM1N91A
0 ARNIBE ALY
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nMsnansIn

-y v J 1 -y . 1 Y, .
ﬂﬁ?ﬂﬂ’)ﬁJﬁiJWl!‘ﬁi%‘ﬁ’JN XNUY @]111!3@1!11611?]161160 \%Y fJWﬁfJﬁiJﬂﬁﬁ (3)
9 1 1 A o YA 0 A Ao
1. 7971901 Y 91nA1U9N X %ﬂTWHﬂi‘VillﬂW A1 UTHNAN Q’Q D W U

9 1 1 A o YA o A = 1
2. TNATY 1NA1UDY X 1/]ﬂ11/iuﬂ61143m1 A1 UTHNAN Z:jN o W llﬂT]JTL!ﬂaN

9 1 1 A o YA o A = 1
3.9 1NAT1 Y 91NA1UDN X 1/]ﬂ11/iuﬂ61143m1 A1 UTHNAN Z:jN o W llﬂm'ﬁ
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Moderated mediation analysis

.. . < A o 1 Y, { o
Moderated mediation analysis 1umsnauthruonsIve Taeyeany1awlsnitaue

9y
ViAo ideudyon Tog (ﬂuﬂaN) ﬂﬁ]ﬂmemmﬂuﬂﬂfnﬂwaaWﬁma”laJ HAZONTNA

(V) (V) = —~ ] (Y] o (Y] = | ] 1
mssunaaiulasunladllms iz msalasunlasavessantlscufauense Il ey

e

i Service Quality: SQ

Perceived Values: PV

Brand Loyalty: BL

Brand Trust: BT

bl

e2

Switching Cost: SW

d2

7777777777777777777777777777777777777

cs

Customer Satisfaction:

|
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|
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Perceived Values: PV

|

|

I

|

I

|

| a

i

|

/ a2
|

Brand Trust: BT

Service Quality: SQ

b2

b1

Brand Loyal ty: BL.

dz

Customer Satisfaction:
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al

M1

M2

Conceptual model

w

w

e2

d2

I AT VUAT

al

Moderated mediation analysis

M1

M1*W

W

M2

=

o

Q

Statistical model

FezNA NAIFITDA UHI1ING1DITIUAUIN

M2*Z




a d v
NIFAUAINIZHAILVUYU moderated mediation model

910 statistical model T2 ULAUMTOADBIADANNT (1)- (3)

M; =ap+a;X+u (1)

M, =ap+a,X+u 2)

Y=a,+cX+bM;, +b,M, +esW+diZ+ e, MW +d,M,Z +u 3)
Sanguausifidusaumaidersu 13nguiRendn

Y=a,+c'X+ (bM; +e,M;W) + (b,M, +d,M,Z) + e,W+d;Z+u @)

Y KR o 1
Llﬂjﬂﬂﬁjllﬂiiﬁu'ﬁ]@ﬂ

Y=a,+c'X+ (by+e;,W)M; + (b,+d,Z)M, + e,W +d;Z 4+ u (5)
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Conditional direct effects 1ty Conditional indirect effects

INAUNIT (5) WU

1. 1ey (by+e,W) Avdninaves M, Nias Y awiou v (A1) 89 W isan31ansna
NN I08195090 U 1 (conditional direct effect)

A A A zi'd 1 d;l 1 = 1 Aa A
2. 1mow (b,+d,Z) Aednsnaves M,Nias Y awieu v (A1) 189 W isan11anina
NM9NTI08195090 U 1 (conditional direct effect)
NEAUNT (1) uagauns (5)

a a Y ' : . L
3. 1noW a;*(b; +e, W) AdNTNan1900u0819390U 19 (conditional indirect effect)

=N ana
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Conditional direct effects 11a¥ Conditional indirect effects

N al * (b1+62W) — albl + alezw

! . e . 9 ! ' Y A
HOAMAD a; e, [38N11 moderated mediation index 1¥MagaU1 W nolrinaaW

a 9 a

d' a = = !
waguudasveseninanieoeuaune a; b, 3o 1y

Y A v o w 1 = 1 ~ A A 9
1) D1 d1€9 uuammygmm’n \YY 3JNﬂ@ﬁ]ﬂ"l'il‘ljﬁﬂullﬂﬂﬂﬂlﬂﬂﬂcﬂ‘ﬁv\lﬂ“ﬂﬁﬂﬂu
Y A o o w 1 1 ' ~ A A
2) 1 ay e, ldsdnuaasn W lulinanemsiasunlasvodninag

Y A A A 9 P | 1 A 1w
NNIDUNIDONTWAN INDDUUAUNUANUININD albl

=S
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Conditional direct effects 11a¥ Conditional indirect effects

A A Aa 9 1 A A . . . .
a,*(b,+d,Z) ADONT WaN1900UDI1NNDU 1y (conditional indirect effect)
% —
a,*(b,+d,Z) =a,b,ta,d,Z
A ~ ' o . ) ' ' Y a A
WaAAD azd2 1581731 moderated mediation index Glﬂf‘l/lﬂﬁ@‘ﬂ’ﬂ / ﬂ@“lmﬂﬂmm!,ﬂaﬂuuﬂm

Aa A Y a A A 1
VNONDTNANINODULANRAD azbz‘lfi’i@llﬂJ

QU 1

9 A o o =~ 1 d' Aa A 9
1) D azdz WUHYAIAULLETRNNIT Z 3JNamﬂmﬂaauuﬂawmamwawaan

(3]

9 I oo o w 1 1 1 d' Aa A 9 A
2) D1 a,d, "lunuaﬁmq;uﬁmm z lufinanemsuaguulasvesaninaniedeunse

Aa A 9 1 1T A LI Y
INTNANWODNUAUNUANNINY a,b,

=S
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a7 ‘IJ moderated mediation model

VINNIN
a A 1 dd' ~ = 1 =
1.amwamqmqamqmmu"lw M1 D Y AD b1+62W

M1

a A 1 dd' c:{ I~ A
2. BNFHAN1ATI0ENLNeU Ui M, e Y Av b+d,Z

a A 9 1 d:';l d' = 1
3.E]‘V]ﬁWﬁ‘VINE]@ﬂJ@EJNjJN@ullGUV] XU Y WU M1

M2

Ao a (b, +e,W)
a A 9 1 d:';l d' = 1
4.@1/]‘5‘1/“'@1/]TQ@@N'OEHQNN'OUU]};U‘W XU Y WU M2

W

Ao a,(b,+d,Z)

.. . Aq Y 1 ! Y a A Aa A 9 a A
5. moderated mediation index¥ 1¥nagou1 W na lvitnaanu/asuudasvesaninanisosuauae abq

A 1 A
150 1l Ao a; e,

o e . ] ' ! A ] Aa A 9 a
6. moderated mediation indexN l¥naaou1 Z ne Iinaanuilasuulasvesdninaniedeuauae a,b,

H3e 13 Ao a,d,
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N13AAAI PROCESS macro 14 SPSS

vt o g et e —— _—

Edit View Data Transform Analyze Graphs  Utilities Extensions Window Help

? . f;?ﬂ =~ E‘ & % . Extension Hub... j
|

Install Local Extension Bundle...

- Visible: 5 of 5 Variablt
Custom Dialog Builder for Extensions

[ [ [ [

& code o grp & VAR10000 & VAR20000 & | utiities ’ Create Extension Bundle...
6 7.00 1.00 ) 7.00 1_00]I | ” Edit Extension Bundles... _E
7 6.00 1.00 . 6.00 1.00 Custom Dialog Builder (Compatibility mode)... |
8 5.00 1.00 : 5.00 1.00 Install Custom Dialog (Compatibility mode)... "
9 5.00 1.00 . 5.00 1.00
10 5.00 1.00 . 5.00 1.00
11 5.00 1.00 . 5.00 1.00
12 6.00 1.00 : 6.00 1.00
13 5.00 1.00 : 5.00 1.00
14 4.00 1.00 . 4.00 2.00
15 6.00 1.00 . 6.00 2.00
16 5.00 1.00 . 5.00 2.00
17 6.00 1.00 : 6.00 2.00
18 5.00 1.00 : 5.00 2.00
19 5.00 1.00 . 5.00 2.00
20 4.00 1.00 . 4.00 2.00
21 ; 500 1.00 500 2.00 0

ta View

|

=S
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‘Output1 [Document1] - IBM SPSS Statistics Viewer

= ) <
ﬂ'lﬁ!ﬁﬂﬂ1“ﬂ!!ﬁ$ﬂ1ﬁﬂ®ﬂllﬂ®$aﬂﬂ

Edit View Data Transform |Insert Format Analyze Graphs  Utilities Extensions  Window  Help
f- @ @ Reports »
Sl & g k- =
ﬁ = Descriptive Statistics » @
&l output Bayesian Statistics >
Tables >
Compare Means >
General Linear Model »
Generalized Linear Models > B
N $@ PROCESS_v4.2_beta X
Mixed Models
Correlate 4 Variables: Y variable:
Regression > Automatic Linear Modeling... ﬁ id - [& a2z
N Al : .
Loglinear » Linear... g Xvariable:
Neural Networks » o [& a1z
o Curve Estimation... & A3
SR " PROCESS v4.2 by And F.H % Ad Mediator(s) M
v4.2 by Andrew F. Hayes
Dimension Reduction » &b A5 & A3z
scale R Partial Least Squares... & A6 & Az
al : e & tota1
Nonparametric Tests y |E Blnéw LO-QIStIC--- _ & mean1A
Forecasting » | Muttinomial Logistic... & A7
{ Survival » | B ordinal... &b A8
" A9 : 5
Multiple Response » 58] Probit... % A10 L Covariate(s):
[EZ] Missing Value Analysis... Nonlinear... & tota2 =
Multiple Imputation » | [id weight Estimation... Model number:
GO SRS » |3 2-stage Least Squares... [14 =
EZ) simulation... Optimal Scaling (CATREG)... |Conﬁdence intervals |
Quality Control » 95 -
Quality Contro Moderator variable W:
ROC Curve... Number of bootstrap samples (& 81z l
. ; 5000 ~
Spatial and Temporal Modeling... » | I Moderator variable Z-
Direct Marketing » [] save bootstrap estimates [&cz |
[] Bootstrap inference for model coefficients Do not use PASTE button
A 2o a Aana a % o
T AT WUAT Jgena NIAVIBITDH U 1INYIAYTIUALYN



Smart PLS4

Tusun3y Smart PLS4 WuTdsunsud1msy SEM uaamnsadeu (converse) lilg

PROCESS, MRA t1ag CB-SEM

< S  JAq Y ] A % B, Y,
Wuaonnuisnls PLS algorithm ADAATIZH outer model NALUADAAIYNIS

A d Aa d Aa Jd
AUATITUNITOADDY LASIATIZH 1nner model @%}’Jﬂﬂ”l'iﬁlﬂi"lgﬂﬂ”liﬂﬂﬂ@ﬂ
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¥ SmartPLS 4
SmartPLS  Files

5

New project

Workspace

B) W B @&

PROCESS REGRESSION

C:\Users\User\Desktop\newvar

» B Archive (0)

A
SNIIPRN

Workspace

Your projects are securely stored within a local folder known as a workspace. You have the flexibility to create and manage multiple workspaces, allowing you to easily switch between them as needed.

[ New Workspace] [ Recent workspaces J

Sample projects

Try our sample projects for an easy start. All projects can be installed with a single click.

| PLS-SEM | | Regression/PROCESS | | cB-SEM/CFA

Documentation

While SmartPLS is designed for intuitive use, you can access additional documentation resources on our website or within our FAQ section for more detailed information.

Color Schemes

Experience a new look with the new Dark Mode. You can also change it in the preferences.

| Light Mode | | Dark Mode

Aa X
el 19e519 Workspace #anae Illames 019a319 130 desktop

=S
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1 SmartPLS 4 - X

5

New project

= @7 Create a new project

Name

A A y , 9, 3 v A A gy
AANTNNALT New project a1nol laazdonae¥e 1Usan Aa%e lanusey A3
d 1
A UPDIY NA create

A A
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17 SmartPLS 4
SmartPLS  Files

5

New project

Workspace

O ® @

PLS-SEM

CB-SEM

=

PROCESS REGRESSION

C:\Users\User\Desktop\newvar

¥ & tour
Import data file
» W Archive (0)

Create model

Workspace

Your projects are securely stored within a local folder known as a workspace. You have the flexibility to create and manage multiple workspaces, allowing you to easily switch between them as needed.

’ New Workspace ] [ Recent workspaces

Sample projects

Try our sample projects for an easy start. All projects can be installed with a single click.

| PLS-SEM | | Regression/PROCESS | | CB-SEM/CFA

Documentation

While SmartPLS is designed for intuitive use, you can access additional documentation resources on our website or within our FAQ section for more detailed information.

Color Schemes

Experience a new look with the new Dark Mode. You can also change it in the preferences.

’ Light Mode ] [ Dark Mode

= Y

' ' o 9 Y q9 a A
i Inazuaasye lUswanyuuuse dunadeanuaaduld aani Import data file

=S
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3 SmartPLS 4
SmartPLS  Files

5

New project

Workspace

® E

¥ B tour

Import data file
> & Archive (0)

(s Yol E3 Hw)

[ SPSSimport

Target location

Project

[ tour

- ] [ Zoyn ivawi update 500

Choose data to import (526 cases and 36 indicators)

o

<IN Bulk change I Min | Max |

‘ ExprEcont

[ ExprEcon2

L[Memc 'Jf
;i )

{ ExprEcon3

[ ExprEcond

{ ExprEcon5

[ ExprEcon6

Il
B [ Metric -
(

{ TrsSat1

[ TrsSat2

[ TrsSat3

{
Metric ~| [ 20000 [ s0000]

Metric v

10000 | [ 5.0000 |

Metric - 20000 | [ 5.0000 |

20000 || 50000

il
|l
Al
[ 20000 || 5.0000
|l
|l
[

4
e g ) )

1

Metric y

7[ Metric - 20000 | [ 50000 |
7[‘ Metric - 20000 | [ 50000 |
[ Metric - 20000 || 50000 |

20000 | [ 50000 |

Missing value treatment

SmartPLS assumes every empty value as missing. 3436 empty value were found. In addition, you can spedfy a string or number that represents

missing data in your dataset.

I | [apply marker |

[ cancel || mport

ou to easily switch between them as needed.

ed information.

A 9 2 Y ' a
ABUYO data file VOYaIz51nYVUUAIDE1I AGN import

=S
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i SmartPLS 4 =

SmartPLS  Edit

© () (a) (& i
Back SeEup Add group Generate groups Clear groups Export to Excel / CSV

foxa visuaen update 500 Indicators 2] Copyto
Name No.  Type | Missings | Mean Median | Scale min | Scale max | Observed min | Observed max | Standard deviation | Ex

Indicators 3 ExprEcon1 1 MET 26| 3670 32000 2000 5000 2000 5000 0770

Samples 526 ExprEcon2 2 MET 26 3704 4,000 2,000 5.000 2.000 5.000 0.203

Missing values 806 ExprEcon3 3 MET 26 3732 4.000 1.000 5.000 1.000 5.000 0.865
ExprEcond 4 MET 26 3722 4000 2,000 5.000 2,000 5.000 0.667

O ExprEcon5 5|  MET 26| 3684 4000 2,000 5.000 2,000 5.000 0754
ExprEcon6 6 MET 26 3784 4000 2,000 5.000 2,000 5.000 0.773

Q Correlations TrsSat1 7| MET 26| 3748 4000 2,000 5.000 2,000 5.000 0.687

O et TrsSat2 8| MET 26 3982 4000 2000 5.000 2,000 5.000 0.578
TrsSat3 9| MET 26| 3996 4000 2,000 5.000 2,000 5.000 0.735

O Raw data TrsSatd 10| MET 26 3.890 4000 2000 5.000 2,000 5.000 0.765
TrsSat5 1| MET 26| 3456 3.000 1.000 5.000 1.000 5.000 0.870
TrsSat6 12| MET 26 | 3.568 4000 2,000 5.000 2,000 5.000 0.682
TrsSat7 13| MET 26| 3574 4000 2,000 5.000 2,000 5.000 0.566
DesLylt1 14| MET 26 3.650 4000 2,000 5.000 2,000 5.000 0.724
Deslylt2 15| MET 26| 3692 4000 3.000 5.000 3.000 5.000 0.591
Deslylt3 16| MET 26 3.960 4000 3.000 33.000 3.000 33.000 2,980
DesLylt4 17| MET 26| 3576 4000 2000 5.000 2,000 5.000 0.629
Deslylt5 18| MET 26 3.504 3.000 2,000 5.000 2,000 5.000 0.539
Deslylt6 19| MET 26| 3.552 4000 3.000 5.000 3.000 5.000 0.579
- - | — - e annn annn £nnn annn conn P

o 9 Yy a J
Data file NUUUT Glﬁﬂaﬂﬂua‘]JTﬁ Back

A A
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| SmartPLS 4 — m] X
SmartPLS  Files

= ® ® ® @

New project PLS-SEM CB-SEM PROCESS REGRESSION

Norkspace E] C:\Users\User\Desktop\newvar

B
e Workspace

Create model

- Your projects are securely stored within a local folder known as a workspace. You have the flexibility to create and manage multiple workspaces, allowing you to easily switch between them as needed.

£ <oun vinawitn update 500 [526]
» & Archive (0) [ New Workspace ] [ Recent workspaces

Sample projects

Try our sample projects for an easy start. All projects can be installed with a single click.

| PLS-SEM | | Regression/PROCESS | | CB-SEM/CFA

Documentation

While SmartPLS is designed for intuitive use, you can access additional documentation resources on our website or within our FAQ section for more detailed information.

Color Schemes

Experience a new look with the new Dark Mode. You can also change it in the preferences.

| Light Mode | | Dark Mode

‘ﬁagwuc%’w AanN Create model

=S
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1 SmartPLs 4 - U

B) ) ® &

PLS-SEM CB-SEM PROCESS REGRESSION

thina g @7 New model

Project

tour

Il Model type
PLS-SEM

Model name

. [ tourl

Y
(Y]

v v 9
A9¥0 luiaa 1aon model type Tuilaziaon PLS-SEM (14 9aldaudn 3 Tuaa)

A A
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) SmartPLS 4 = o
SmartPLS Edit  Calculate

o ®® ® ©o > (a = i

Save Convert  Calculate Select Latent variable Connect Quadratic effect Moderating effect Gaussian copula Comment Delete

0

1

2

3

4

5

6 TrsSatl MET
7 TrsSat2 MET
8 TrsSat3 MET
9 TrsSat4 MET
10 TrsSat5 MET
11 TrsSatb MET
12 TrsSat? MET
13 Deslyltl MET
14 Deslylt2 MET
15 Deslylt3 MET
16 Deslylt4 MET
17 Deslylt5 MET
18 Deslylt6 MET
19 Expectl MET
20 Expect2 MET
21 Expect3 MET | |[% b3

— E—

1 = Y A Y Y] dyo/ Y 1
L‘Wfﬂgh/illfﬂgﬂ 2 THIAIN ﬂﬂwu']ﬁ"I\Wl'JG])"Jﬂ!,La31’?“1@]1\1’31@3‘].]“@13!,!,@1@\‘]Nﬂ

A A
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7 SmartPLS 4 - X
SmartPLS  Edit  Calculate

o » (@& (a (& @® o

Save Convert Calculate Select Latent variable Connect Quadratic effect Moderating effect Gaussian copula Comment Delete

0 ExprEcont MET |5 z —
1 ExprEcon2 MET g
2 ExprEcon3 MET
3 ExprEcond MET
4 ExprEcon5 MET Q
5 ExprEcon6 MET
6 TrsSatl MET g g
7 TrsSat2 MET Bkl
8 TrsSat3 MET
9 TrsSatd MET i E
10 TrsSat5 MET
11 TrsSat6 MET S
12 TrsSat7 MET |
13 Deslyitt MET | Eprbcons
14 Deslylt2 MET ExprEcon

U ExprEcon3
15 Deslylt3 MET
16 Deslylt4 MET

ExprEcon6

17 Deslyits MET
18 Deslylts MET
19 Expectl MET
20 Expect? MET g Q
21 Expect3 MET ||t ) i

Q Q

9y
Drag and drop A3 3aaslunihaenasgi

A A
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i1 SmartPLS 4

SmartPLS  Edit  Calculate

(2 ®» ©o 6 s

Save Convert Calculate Select Latent variable Connect Quadratic effect

Moderating effect

o O

Gaussian copula Comment Delete

8 TrsSat3 MET TrsSat1 Bxprecont
9 TrsSatd MET
10 TrsSats MET U2 ExprEcon2
11 TrsSat6 MET
12 TrsSat? MET Ul EprEcons
13 Deslyltl MET ExprEcond

TrsSat4
14 Deslylt2 MET

ExprEcon5

15 Deslylt3 MET

TrsSat5
16 Deslylt4 MET ExprEcon6
17 Deslylt5 MET

TrsSatb
18 Deslylt6 MET
19 Expectl MET Expect

= TrsSat7 Deslylt1
20 Expect? MET Expect?
21 Expect3 MET Deslyit2
22 Expectd MET Expect3 Deslylt3
23 Expect5 MET m—
-

24 Expect6 MET o Deslyltd
25 TRM1 MET Expect5 Destykts
26 TRM2 MET | Expect DesLylt
27 TRM3 MET opectt Deslylt6
a0 TNAAA AATT 4 )

1ﬁﬂ1ﬂ-’31\1fﬂuﬂi‘ﬂﬂi’t’]‘ﬂuu’m’ﬂﬂaﬂ

A A
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17 SmartPLS 4

SmartPLS  Edit  Calculate

© @ B

Back Save Convert

C

Calculate

> (a a =

Quadratic effect

® ©

Select Latent variable Connect Moderating effect Gaussian copula

o i

Comment Delete

UM a[ar TrsSat1 ExprEcon]
20 Expect? MET o

21 Expect3 MET TrsSat2 0.844—¥ ExprEcon2
22 Expectd MET 0673 0827

23 Expect5 MET D TrsSat3 0.563, 0779 ExprEcon3

0593 ExprEcon ; A

24 Expect MET —

: — = TrsSats 4———0.589 0.684

- m m“l /0'766 0.138 \Explicon'.i

TrsSat5 0.795 TrsSat
rEcon6

Constructs 0.651 ExprEcol

R-square - ] TrsSat6

- v— 0.467 0.126
Outer model TrsSat? Deslylt1
I Outer weights / loadings - ] Expect2 /
Deslylt?
636 A
Inner model Expect3 > v
I Path coefficients b I Deslylt3
Expectd 40,797 0
Highlight paths 0.457 0.693— Deslyltd
715288
| off -J BpectS 0643 0493 DeslyltS
Ex| DesLylt
Data file Expectt pect ¥l —
Soya vinwu update 500 - 5
]
A A Jd

AannNNaug

A

10N Bootstrapping “l%’mﬁmmwagm

A A

I AT VUAT
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a oA

S IAqQ Vg Y o ¥ A & o 0
soWNLITN 1Y lem’miwaﬂmslmazmﬁQﬂaumﬂgmmﬁmu

1. PROCESS macro 910 https://haskayne.ucalgary.ca/CCRAM/resource-hub

Yy 9y
A o <
woNNISHAAAUL add in 11 SPSS Tagag 1111/ command item 114 Regression

2. Smart PLS4 910 https://www.smartpls.com/downloads/

3 ADANCO 311 https://www.utwente.nl/en/et/dpm/chair/pmr/ADANCO/

4. PROCESS model template 10 https://www.slideshare.net/trisnadil 6983/model-

templates-for-process ‘Viﬁ amm’mau
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https://haskayne.ucalgary.ca/CCRAM/resource-hub
https://www.utwente.nl/en/et/dpm/chair/pmr/ADANCO/
https://www.slideshare.net/trisnadi16983/model-templates-for-process
https://www.slideshare.net/trisnadi16983/model-templates-for-process

ﬂQ U
NUANS
a oA o a J v o Y] 9) 9Jq Y <y, 1 Li'd 9
ﬂ’]ﬁc]J{(]‘]J@ﬂ’lﬁ%gcﬂ'IﬂTﬁ’JLﬂ'i']gW@'JLL‘U‘U%'IH'JH 5 ALY ﬂl@?gﬂiﬁiﬂfllﬁ%@ﬂ@ﬂ?ﬂ%%iﬁ N3
a\ J v o ~a 1
’Jlﬂﬁ'lgﬁﬁﬂllﬂﬂﬁ}@ﬂﬂnuuﬂ'ﬁ 3 YN
A J Y v 9 . 9y . . . .
1. ’JLﬂiW‘Viﬂ’ngﬂ@]@ﬂﬂl@ﬁ@]’JLL"JJ‘]JMﬂ“’UE]ym?IQﬂ@m (339991 sign, size, significant, R-sq,
f-sq, VIF)
A Jd A A9 . .. A v Y dgl} <3 '
2. AUAIISTAIUNTNUDNUATDINDATURAITUAIN (Valldlty) ﬂ@?ﬂllﬂﬁﬁﬂluﬂﬁ'] LLﬂﬂLﬂUﬁiQﬂﬁ]ﬁJ
oy n Y L. L Y ' e
(convergent validity) uazhlu”lmﬂqu (discriminant validity) HAZATUANNING (reliability) A0
Y Y Y A A ' < . . ey . eqe
Ia ldgndeuriewauud TunawazuSundu uenili item reliability, construct reliability,
e Y
Li81g sub-construct reliability (mﬁ)

3. 9 1UKa tilawa ANY LAY implication

=S
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UQUiamM3sNn 1 (PROCESS model 4)

1.000

0.317 0.198

Alz 0.311 1.000— A2z

Al A2
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All Al2 Al3 Al4

o N L

0871 02874 0.895 (o517

Al

\ 0.321 0.199

A2 A10
P 4
0.928
A7
0.892-%
0.311
0.883*
o 0.898\
A1l A2
AS ‘/0.952 A9
A6
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NaNIITHULY PA, SEM tag PROCESS

Ha91n PROCESS macro 10 Model4Output.xlsx

Al A12 Al3 Al4 Al16

8 \0_875 ;875 o.s; 0_950/ . é: Al
A

B2

B3

B1z

’
.

0.321 0.360 0.129 0.266
0.142

A10

0.207

Al A2 Alz Ag
A5 0.952
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