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Sample size determination for Structural Equation Modeling (SEM)
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Abstract

Sample size was the problem that researchers always in question of what size
is correct or suitable for SEM analysis. Whether more subjects, according to classical
test theory, is better or smaller is plausibly. Many investigation through simulation
studies and some statistical formulas revealed that number of respondents can be variable
subject to statistical criterions used including rule of thumb. But, as a rule of thumb,
sample size of 200 seems sufficient. However, more than 200 respondents is possible
subject to component of SEM model itself and population size constrained.
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3 0.4 3 9 21 754 58 74 90 491 200 210
3 0.4 4 12 27 563 74 98 120 458 100 270
3 0.4 5 15 33 388 91 123 150 437 100 330
3 0.4 6 18 39 293 107 147 180 429 200 390
3 0.4 7 21 45 260 123 172 210 434 400 450
3 0.4 12 36 75 250 205 294 360 647 | 2900 750
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nn. aauasunan Preliminary Proactive Sample Size Determination for Confirmatory
Factor Analysis Models. By Koran, J., p. 28-30, Measurement and Evaluation in

Counseling and Development (Jan 2017), pp.1-30.
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3 4

MW 1 YUIAAIDTNIWUNATNUUIAVON loading IUIUAIFIAMABAZFUAA IV
N1, 910 Sample Size Requirements for Structural Equation Models: An Evaluation
of Power, Bias, and Solution Propriety, by Wolf, et al., p. 934, Educ Psychol Meas,

December 2013; 76(6)
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Standardized path coefficient n
0.05 2474
0.10 619
0.15 275
0.20 155
0.25 99
0.30 69
0.35 50
0.40 39
0.45 31
0.50 25
0.55 20
0.60 17
0.65 15
0.70 13
0.75 11
0.80 10
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beta | Gouly | beta| Gouly| beta douly | beta qouly | beta | idou'ly
0.1 3.213662 0.15 2.808197 0.2 2.520515 0.25 2.297372 0.3 2.11505
n LH n LH n LH n LH n LH
1] 1.105171 1] 1.161834 1 1.221403 1] 1.284025 1| 1349859
2| 1.128047 2| 1.168114 2| 1.210236 2| 1.254517 2| 1301068
3 1.187377 3 1.220091 3 1.254483 3 1.290639 3 1.328647
4 1.245733 4 1.274064 4 1.303849 4 1.335164 4 1.368077
5| 1.298966 5| 1324307 5| 1350947 5| 1.378953 5| 1.408394
41 | 2.029385 41 | 2.038234 41| 2.047537 41| 2057317 | 41| 2.067599
42 | 2.039366 42| 2.04811 42 | 2.057301 42| 2066964 | 42| 2.077123
43 | 2.049137 43 | 2.057778 43 | 2.066862 43 | 2076412 | 43| 2.086452
44 | 2.058706 44 | 2.067248 44 2.076228 44 2.085669 44 | 2.095594
45 2.068084 45 2.076527 45 2.085407 45 2.094742 45 2.104556
46 | 2.077269 46 | 2.085624 46 2.094407 46 2.103644 46 | 2.113347
47 | 2.086284 47 | 2.094545 47 | 2.103234 47| 2112368 | 47| 2.121971
47 | 2.086284 47 | 2.094545 47 | 2.103234 47 | 2.112368
72 | 2.268579 72 | 2275257 72| 2282277 72| 2.289657
74 | 2.280506 74 | 2287093 74 | 2294017 74 | 2.301297
124 | 2509388 | 124 | 2.514477 | 124 | 2.519826
125 2.513006 125 2.518074 125 2.523402
126 | 2.516597 126 | 2.521645
236 | 2.803856 236 | 2.807545
237 | 2.805819 | 237 | 2.809499
238 | 2.807773
559 | 3.200818
564 | 3.214063
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